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PREFACE 

The journey of writing this thesis has been both challenging and rewarding. The decision to explore the 

dynamics of blame attribution in this context stemmed from my interest in how social media influencers 

shape consumer perceptions and expectations in today's interconnected digital world. Navigating through 

the complexities of this topic has provided me with deeper insights into the intricate relationships between 

social media influencers, service providers, and consumers. 

I would like to express my sincere gratitude to everyone who took the time to complete my questionnaire. 

Your participation was essential to the success of this study, and without your valuable input, this research 

would not have been possible. I am particularly grateful to those who went above and beyond by distributing 

the questionnaire within their personal networks. Your willingness to help was instrumental in gathering 

the necessary data and making this research feasible. 

I also wish to extend my heartfelt thanks to my supervisor, Professor Allard van Riel. Your guidance and 

expertise have been invaluable throughout this process. Your constructive feedback and meticulous 

proofreading have greatly improved the quality of this thesis. Thank you for pointing out areas for 

improvement and for steering me in the right direction whenever I needed it. Your support has been 

instrumental in helping me complete this milestone. 

Finally, I am grateful for the opportunity to explore this fascinating topic and contribute to the 

understanding of influencer marketing and consumer behaviour. 
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EXECUTIVE SUMMARY 

Research Purpose 

This study investigates the dynamics of blame attribution in the context of influencer marketing, focusing 

on the roles of the strength of the relationship between a social media influencer (SMI) and their followers 

and the perceived trustworthiness of the SMI in shaping customer satisfaction following service failures 

that occur after customers follow an SMI's recommendation. In today's digital age, SMIs have become 

pivotal in marketing strategies, significantly impacting consumer behaviour. However, the interplay between 

SMIs, service providers, and consumers' blame attribution during service failures remains underexplored. 

The primary research question guiding this study is: How do the characteristics of SMIs affect the attribution 

of blame between SMIs and service providers, and how does this blame distribution impact overall customer 

satisfaction when a service failure occurs with a service that the SMI recommended? To address this 

question, the study examines the direct and indirect effects of relationship strength and perceived 

trustworthiness on blame attribution towards both SMIs and service providers and their subsequent impact 

on overall customer satisfaction. 

Research Methodology 

The study employs a quantitative approach to investigate these dynamics. The primary data was gathered 

through a survey distributed to a diverse sample of consumers who have experienced service failures after 

following SMI recommendations. The survey measured key variables, including relationship strength, 

perceived trustworthiness, blame attribution, and overall satisfaction. Additionally, service failure severity 

and service quality were included as control variables to account for their potential impact on the results. 

The collected data was analysed using multiple regression analysis to assess the relationships between the 

variables. This methodology enabled a detailed examination of these variables' direct and moderating 

effects on overall customer satisfaction. 

Findings 

This study reveals several key findings that shed light on the complex dynamics of blame attribution in 

influencer marketing. Contrary to the initial hypothesis (H1a), which posited a direct influence of the 

relationship between the SMI and their followers on blame attribution towards the SMI, the results indicate 

a more intricate interplay. Specifically, while an isolated analysis suggested that stronger relationships 

might reduce blame towards the SMI, the complete model did not show a significant relationship. This 

complexity suggests that other factors are more critical in influencing blame attribution towards the SMI. 

Conversely, hypothesis H1b, which posited a direct influence of relationship strength on blame attribution 

towards the service provider, was supported by the analysis. This indicates that stronger relationships 

between customers and SMIs can increase blame towards the service provider. However, this factor explains 

only a fraction of the variance in blame towards the service provider, highlighting the importance of other 
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factors in blame attribution. These findings underscore the necessity of managing customer expectations 

through accurate and realistic portrayals by SMIs to mitigate unwarranted blame on service providers. 

The study also confirmed hypothesis H2a, which suggested that higher perceived trustworthiness in an SMI 

is associated with decreased blame attribution towards the SMI. This finding aligns with existing literature, 

emphasising the protective role of trustworthiness in reducing adverse customer reactions. A trustworthy 

SMI is perceived as reliable and less likely to intentionally mislead their followers, which mitigates the 

attribution of blame to them during service failures. This insight highlights the importance of building and 

maintaining trust for SMIs to preserve their reputation and mitigate potential negative fallout from service 

failures. 

However, hypothesis H2b, which proposed that higher perceived trustworthiness of the SMI would increase 

blame towards the service provider, was not supported. The results suggest that blame attribution is more 

significantly influenced by the service provider's performance and ability to meet customer expectations 

than by the SMI's trustworthiness. This discrepancy highlights that while trustworthiness affects blame 

attribution towards the SMI, it does not necessarily extend to the service provider. This complexity further 

underscores the need for a comprehensive approach to understanding blame attribution, which includes 

additional factors such as the stability and controllability dimensions of attribution theory. 

Another crucial finding relates to the impact of blame attribution on overall satisfaction with the service 

provider. Hypothesis H3a, which anticipated a positive impact of blame attribution towards the SMI on 

overall satisfaction, was not supported. Instead, the data revealed that blame directed at the SMI negatively 

affects overall satisfaction with the service provider. This unexpected outcome suggests that service failures 

can tarnish the entire service experience and lead to dissatisfaction, regardless of who is deemed 

responsible. This highlights the importance of managing customer expectations because when these 

expectations are not met, it does not matter who is deemed responsible; overall satisfaction still decreases. 

On the other hand, hypothesis H3b was supported, demonstrating that blame attribution towards the 

service provider significantly reduces overall satisfaction. This finding aligns with the literature, 

underscoring the detrimental impact of perceived responsibility for service failures on customer satisfaction. 

When customers blame the service provider, their overall evaluation of the service experience deteriorates, 

reflecting decreased satisfaction. This supports the notion that perceived responsibility directly influences 

customers' emotional responses and overall contentment with the service. 

Value of the Study 

The value of this study lies in its contributions to a theoretical and practical understanding of blame 

attribution in influencer marketing. Theoretically, this research extends attribution theory by introducing 

SMIs as a new locus of causality, exploring how relationship strength and perceived trustworthiness 

influence blame attribution. By combining insights from conventional service failure scenarios and 

influencer marketing, this study offers a novel perspective on how these dynamics interact in the digital 

age. The findings highlight the complexity of blame attribution processes, emphasising the importance of 

customer expectations. 

This research provides actionable insights for managers. The recommendations are twofold: optimising 

influencer marketing strategies to minimise service failures and implementing effective service recovery 

strategies to mitigate adverse outcomes when failures occur. 
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• Careful selection of SMIs: Prioritise selecting SMIs with proven transparency and authenticity. 

Do: Select SMIs who have a track record of honesty and reliability. 

Don't: Choose SMIs based solely on their follower count without vetting their credibility. 

• Encourage honest reviews: Managers should guide SMIs to share honest reviews and experiences. 

Do: Provide SMIs with clear guidelines on promoting services truthfully. 

Don't: Push SMIs to exaggerate the benefits of the service or embellish the service attributes. 

• Manage customer expectations: Ensure that the promotional content sets realistic expectations. 

Do: Collaborate with SMIs to create balanced content that aligns with actual service capabilities. 

Don't: Allow the publication of overly positive portrayals that can lead to unrealistic customer 

expectations. 

• Transparent communication: Maintain open and honest communication with customers when 

addressing service failures. 

Do: Offer clear explanations and sincere apologies for any issues. 

Don't: Provide vague or insincere responses to customer complaints. 

• Proactive service recovery strategies: Implement strategies to address service failures promptly and 

effectively. 

Do: Train frontline employees to handle complaints empathetically and efficiently. 

Don't: Ignore customer complaints or delay responses. 

By implementing these strategies, managers can minimise the occurrence of service failures and maintain 

positive customer relationships even in the face of service failures. These strategies ensure that 

endorsements accurately reflect the service standards and that any issues are promptly and effectively 

addressed, thus sustaining customer satisfaction. 

Critical Considerations 

While this study offers valuable insights, several limitations should be acknowledged. Using a non-

probability convenience sampling method introduces selection bias, limiting the generalisability of the 

findings. The sample's high percentage of female respondents may not fully represent the broader 

population. Additionally, while effectively capturing consumer perceptions, the survey method does not 

allow for controlling variables that impact the independent variables, such as service failure severity and 

service quality. 

Future research should explore factors like customer expectations and prior experiences with service 

providers, which were not the focus of this study. Incorporating attribution theory's stability and 

controllability dimensions could yield a more comprehensive understanding of blame attribution. Moreover, 

a more focused examination of specific service industries or types of service failures may uncover nuanced 

insights and provide tailored managerial strategies. 

In conclusion, this study enhances our understanding of blame attribution in influencer marketing, 

highlighting the complexity of relationships between SMIs, service providers, and consumers. By addressing 

the identified limitations and exploring new avenues, future research can build a more comprehensive 

understanding of this phenomenon, contributing to theoretical knowledge and practical applications in 

influencer marketing. 
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1. INTRODUCTION 

1.1 Background and Context 

In recent years, the digital marketing landscape has been transformed by the rise of social media 

influencers (SMIs) (Audrezet et al., 2020; Ozuem et al., 2023). These individuals, who have amassed 

significant followings on platforms such as Instagram, YouTube, and TikTok, leverage their reach and 

perceived authenticity to promote products and services to their audience (Lee et al., 2022; Morton, 2020). 

Influencer marketing has quickly become a critical component of many brands' marketing strategies, with 

companies investing significantly to partner with SMIs to enhance their visibility and credibility (Croes & 

Bartels, 2021; Hughes et al., 2019). 

The effectiveness of influencer marketing lies in the trust (Agnihotri et al., 2023) and relatability (Dhanesh 

& Duthler, 2019) that SMIs have built with their followers. Unlike traditional advertisements, which are 

often viewed with scepticism (Chari et al., 2016), endorsements from SMIs are perceived as more genuine 

and trustworthy (Ozuem et al., 2023), leading to higher engagement and conversion rates (Dhanesh & 

Duthler, 2019; Lim et al., 2017). As a result, brands across various industries are increasingly turning to 

SMIs to drive awareness and sales (Freberg et al., 2011). 

However, influencer marketing is not without its challenges, particularly concerning service failures. Service 

failures occur when the actual service does not meet customer expectations (Zeithaml et al., 1993), a 

discrepancy that can happen more often due to the idealised portrayals often presented by SMIs (Rundin 

& Colliander, 2021; Tsai & Hsin, 2023; Wellman et al., 2020) which elevate expectations among customers 

(Kumar & Kuldeep, 2022). When the actual service fails to meet these expectations, it can result in 

customer dissatisfaction (Adil et al., 2022; Hess et al., 2003), negative word-of-mouth (WOM) (Adil et al., 

2022; Holloway & Beatty, 2003), and a tarnished brand reputation (El‐Manstrly et al., 2021; He et al., 

2017). 

Understanding how consumers attribute blame when a service failure occurs is crucial in this context. 

Attribution theory, which explores how individuals assign responsibility for events and outcomes, provides 

a valuable framework for examining these dynamics (Bitner, 1990; Srivastava & Gosain, 2020). This study 

investigates how consumers assign blame in service failure contexts involving SMI recommendations. By 

exploring the factors that influence blame attribution and examining the subsequent impact on customer 

satisfaction, this research provides theoretical insights and practical recommendations for businesses 

navigating the complexities of influencer marketing. 

1.2 Research Motivations 

1.2.1 Business Economic Motivation 

In today's competitive market landscape, businesses increasingly rely on SMIs to promote their services 

and connect with consumers (Croes & Bartels, 2021; Morton, 2020). The rise of influencer marketing has 

created new opportunities for companies to reach their target audiences more effectively, as SMIs can sway 

public opinion and significantly affect brand perceptions (Dhanesh & Duthler, 2019; Kim & Kim, 2021; Lee 
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et al., 2022). However, this has also introduced new challenges, particularly regarding heightened customer 

expectations. SMIs often embellish services to make them appear more attractive (Tsai & Hsin, 2023), 

leading to higher customer expectations than the actual service standard (Kumar & Kuldeep, 2022). When 

service providers fail to meet these elevated expectations, it can damage both the service provider's 

reputation (El‐Manstrly et al., 2021; Michel, 2001) and the SMI's credibility (Audrezet et al., 2020; Gerrath 

& Usrey, 2021). 

Service failures can have substantial financial repercussions for companies. When a service fails to meet 

customer expectations, it can lead to customer dissatisfaction (Adil et al., 2022; Hess et al., 2003), 

customer defection (Janjua, 2017), negative WOM (Adil et al., 2022; Holloway & Beatty, 2003), and 

ultimately, a decrease in the profitability of the service organisation (Lewis & McCann, 2004). While 

dissatisfaction is the immediate and palpable consequence, the broader spectrum of adverse effects 

underscores the extensive impact that service failure exerts on various business dimensions. 

Understanding how customers attribute blame in these scenarios is crucial for managers. Insights into how 

blame is distributed between service providers and SMIs enable companies to develop targeted strategies 

to address the root causes of dissatisfaction, improve recovery efforts, and mitigate financial losses. This 

knowledge equips managers with the tools to manage customer expectations and safeguard profitability in 

a competitive market. 

1.2.2 Academic Motivation 

Despite the growing importance of influencer marketing, a notable gap remains in academic literature 

regarding the attribution of blame in service failure contexts involving SMI recommendations. Existing 

literature on attribution theory predominantly focuses on traditional service contexts (e.g., Iglesias, 2009; 

Srivastava & Gosain, 2020; Swanson & Hsu, 2010; Van Vaerenbergh et al., 2014; Walton & Hume, 2012) 

and has provided limited exploration into the role of third-party entities such as SMIs. Recent research has 

extensively examined the impact of influencer marketing on consumer behaviour (e.g., Agnihotri et al., 

2023; Al-Mu'ani et al., 2023; Ao et al., 2023; Hughes et al., 2019; Kumar & Kuldeep, 2022). However, 

these studies do not address service failure scenarios. Additionally, while Ozuem et al. (2023) explored the 

use of SMIs in service recovery strategies, their focus was on how SMIs can mitigate the negative effects 

post-failure rather than on how blame is assigned when an SMI-recommended service fails to meet 

expectations. 

This research seeks to fill this gap by investigating how blame is attributed in service failure scenarios 

linked to SMI endorsements. By providing a comprehensive understanding of these dynamics, this study 

aims to contribute to a deeper theoretical understanding of blame attribution in the digital age and offer 

novel insights into attribution theory and influencer marketing research. 

Furthermore, prior research in various domains — such as service failure, attribution theory, and influencer 

marketing — highlights several key reasons for conducting academic investigations into blame attribution 

in the context of SMI endorsements: 

• Financial impact of service failures: Service failures can directly affect a company's profitability 

(Janjua, 2017). Dissatisfied customers are less likely to repurchase (Clark et al., 1992; Keaveney, 

1995) and more likely to share their negative experiences with others, amplifying the damage 

through social networks (Kim, 2016; Swanson & Hsu, 2010). By understanding how blame is 
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attributed, businesses can develop strategies to mitigate these adverse effects and maintain 

customer loyalty (Grewal et al., 2008; Swanson & Hsu, 2010). 

• Optimising influencer partnerships: Partnering with SMIs involves significant investment (Hughes et 

al., 2019). Companies need to ensure that these partnerships are beneficial and do not backfire in 

the event of a service failure. By understanding how different elements of the SMI-customer 

relationship affect blame attribution, businesses can make more informed decisions about selecting 

and managing their SMI partnerships. 

• Enhancing customer satisfaction and loyalty: Companies invest heavily in influencer marketing to 

enhance their brand image and drive sales (Hughes et al., 2019; Kim & Kim, 2021). However, if a 

service failure occurs, it can undermine these marketing efforts. By identifying the factors influencing 

blame attribution, businesses can better manage customer expectations and improve their service 

recovery efforts, enhancing overall customer satisfaction and loyalty. 

• Strategic decision-making: Insights from this research can inform strategic decisions related to 

influencer marketing and service recovery initiatives. Companies can develop more effective 

communication strategies to address service failures and allocate resources more efficiently to areas 

with the most significant impact on customer retention and profitability. 

1.3 Problem Statement 

The central problem this research addresses is understanding how blame attribution for service failures is 

distributed between SMIs and service providers, and how this distribution impacts overall customer 

satisfaction with the service provider. Specifically, the study aims to answer the following research 

questions: 

• Main research question: 

o RQ: How do the characteristics of SMIs affect the attribution of blame between SMIs and 

service providers, and how does this blame distribution impact overall customer satisfaction 

when a service failure occurs with a service that the SMI recommended? 

• Sub-questions: 

o SQ1: Which aspects of SMIs affect how blame is attributed between the SMI and the service 

provider when a service failure occurs? 

o SQ2: How do the identified aspects of SMIs impact the distribution of blame between the SMI 

and the service provider in case of a service failure? 

o SQ3: How does blame attribution for a service failure towards the SMI or the service provider 

affect the overall consumer satisfaction with the service provider? 

These questions aim to dissect the intricate dynamics between SMIs, service providers, and customers, 

providing insights into managing service failures and influencer marketing more effectively. 

1.4 Contribution 

This study offers several key contributions to both theory and practice: 

• Theoretical Contribution: By integrating SMIs into attribution theory, the research extends traditional 

frameworks to encompass modern influencer marketing dynamics. It provides new insights into how 
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perceived trustworthiness and relationship strength influence blame attribution and customer 

satisfaction. 

• Practical Contribution: The findings offer actionable recommendations for businesses and influencers. 

Managers can use these insights to better manage their influencer marketing initiatives, align 

customer expectations, and develop effective service recovery strategies. 

The research fulfils the identified needs by offering a deeper understanding of how blame is assigned in the 

context of influencer marketing and its implications for customer satisfaction. This understanding helps 

businesses navigate the complexities of modern marketing and improve their strategies accordingly. 

1.5 Approach and Structure 

The thesis is organised into the following chapters: 

Chapter 1: Introduction: Provides the background, research motivation, problem statement, 

contributions, and structure of the study. 

Chapter 2: Literature Review and Theory: Examines existing research on service failures, attribution 

theory, influencer marketing, and related concepts to establish the theoretical foundation for the 

study. 

Chapter 3: Methodology: Details the research design, including data collection methods, sample 

selection, and analytical techniques used to address the research questions. 

Chapter 4: Hypothesis Testing: Presents the empirical analysis and statistical results related to the 

research hypotheses. 

Chapter 5: Discussion: Interprets the results in light of the research objectives and theoretical 

framework, discussing implications and alternative explanations. 

Chapter 6: Conclusion: Summarises the key findings, theoretical and practical contributions, and 

suggests directions for future research. 

This structured approach ensures a thorough exploration of the research topic, examining the complex 

interplay between SMIs, service providers, and customer satisfaction. By adhering to this outline, the thesis 

seeks to offer a detailed and nuanced understanding of the dynamics within influencer marketing and 

service failures, thereby providing valuable insights for academic research and practical marketing 

strategies. 
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2. LITERATURE REVIEW AND THEORY 

2.1 Service Failure 

The intricate phenomenon of service failure has captivated the attention of many scholars in service 

management and marketing, who are dedicated to unravelling its multifaceted dimensions and implications. 

Numerous research projects have explored the complexities of service failures, demonstrating the profound 

interest and recognition bestowed upon this crucial aspect of consumer experiences (Kranzbühler et al., 

2017). In tandem, the significance of service recovery has gained increasing prominence in recent years. 

This heightened attention is driven by acknowledging that service failures are inevitable, but the prevention 

of dissatisfied customers is not (Michel, 2001). Consequently, scholars are directing their focus towards 

understanding and improving service recovery processes, recognising them as pivotal elements in fostering 

customer satisfaction and loyalty (Holloway & Beatty, 2003; Lewis & McCann, 2004). 

2.1.1 Defining Service Failure 

Service failures can be characterised as instances of subpar service performance, where the delivered 

service falls short of the expectations held by one or more customers (Khamitov et al., 2020; Sands et al., 

2020). Within the literature, various perspectives have been proposed to elucidate this concept. Holloway 

and Beatty (2003) describe service failure as the result of customer perceptions, indicating that it occurs 

when initial service delivery behaviours are perceived to be below the customer's expected level or zone of 

tolerance. The concept of the 'zone of tolerance,' coined by Zeithaml et al. (1993), is pivotal in 

understanding customer perceptions. This zone represents the range within which customers are willing to 

accept variations in service quality without feeling dissatisfied with the service encounter (Zeithaml et al., 

1993). The normative standard of desired service is dynamic, and the zone of tolerance delineates the 

space between the desired service and the minimum acceptable level, termed adequate service. Customers' 

recognition and willingness to accommodate heterogeneity in service performance are reflected in this 

dynamic range, allowing for fluctuations within a certain 'window' of expected levels (Zeithaml et al., 1993). 

It is essential to recognise that even when the service delivery aligns with the provider's planned 

performance, it can still be deemed a failure if customer expectations differ (Michel, 2001). As Michel 

(2001) highlighted, customers may perceive an incident as a service failure, even if it adheres to the service 

blueprint. This underscores the significance of not only meeting predetermined service standards but also 

understanding and managing customer expectations to ensure a positive service experience and create 

long-lasting customer relationships (Ojasalo, 2001). In this thesis, service failure is defined as negative 

deviations from customer expectations. Given the dynamic nature of customer expectations, effective 

management becomes crucial in ensuring positive experiences, thereby avoiding service failures. Therefore, 

this study emphasises the imperative of effective customer expectation management in addressing service 

failures. 
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2.1.2 Attribution of Failure 

In the realm of service encounters, customers' perceptions of service failures vary considerably (Iglesias, 

2009; Sands et al., 2020). Understanding how individuals attribute blame in response to service failures is 

essential, reflecting a multifaceted phenomenon driven by spontaneous causal thinking (Bitner, 1990). Prior 

research underscores the significance of contextual variations in attributions of failure, as customers 

inherently seek to understand the root causes of service failures, desiring clarity on what or who instigated 

the failure (Leo & Huh, 2020; Srivastava & Gosain, 2020). Rooted in the fundamental human desire to 

understand, control, and predict one's environment (Fu et al., 2015; Swanson & Hsu, 2010; Van 

Vaerenbergh et al., 2014), attribution theory offers invaluable insights into how individuals perceive and 

assign blame for service failures (Janjua, 2017; Srivastava & Gosain, 2020; Walton & Hume, 2012). At its 

essence, attribution theory elucidates the cognitive processes underlying individuals' attributions of 

causality and responsibility following a service failure (Srivastava & Gosain, 2020; Van Vaerenbergh et al., 

2014). These attributions unfold post-service encounter (Walton & Hume, 2012) but prelude the 

determination of customers' levels of satisfaction or dissatisfaction (Bitner, 1990), underscoring the 

significance of attributions in shaping subsequent reactions. Notably, the attribution of failure holds 

considerable sway over customers' responses to service failures, influencing their attitudes (Fu et al., 2015; 

Hess et al., 2003; Swanson & Hsu, 2010), emotional states (Fu et al., 2015; Swanson & Hsu, 2010; Van 

Vaerenbergh et al., 2014), satisfaction levels (Bitner, 1990; Srivastava & Gosain, 2020; Van Vaerenbergh 

et al., 2014), and behavioural intentions (Iglesias, 2009; Swanson & Hsu, 2010; Van Vaerenbergh et al., 

2014). Central to attribution theory are three key dimensions: locus of causality, stability, and controllability 

(Bitner, 1990; Srivastava & Gosain, 2020; Van Vaerenbergh et al., 2014). These dimensions offer valuable 

insights into the intricacies of customers' attributions of blame and their effects on post-failure responses. 

Subsequent sections will explore each dimension in detail to elucidate their impact on customer attributions 

and responses to service failures. 

2.1.2.1 Locus of Causality 

The locus of causality, a fundamental concept in attribution theory, refers to the perceived source of service 

failures, shaping customers' attributions of failure (Sands et al., 2020; Srivastava & Gosain, 2020). In other 

words, the locus of causality for a service failure indicates who is perceived to be responsible for causing 

the failure (Isabella et al., 2022). Customers may attribute the cause of a service failure to factors within 

themselves (internal) (Sands et al., 2020; Srivastava & Gosain, 2020), factors within the service 

organisation (external) (Fu et al., 2015; Sands et al., 2020; Van Vaerenbergh et al., 2014), factors within 

the environment (situational) (Iglesias, 2009; Van Vaerenbergh et al., 2014; Walton & Hume, 2012), or a 

combination thereof (Janjua, 2017). These attributions not only shape customers' perceptions of failure 

causality but also influence the perceived equity of the exchange (Grewal et al., 2008) and subsequent 

behaviours (Fu et al., 2015; Swanson & Hsu, 2010), thus serving a pivotal role in both service failure and 

service recovery scenarios (Swanson & Hsu, 2010). 

When customers attribute failures to internal factors, such as their own actions or decisions, they may 

experience feelings of shame or guilt (Janjua, 2017), potentially inhibiting their likelihood to complain (Fu 

et al., 2015; Janjua, 2017) or seek redress (Fu et al., 2015). However, while some research suggests that 

customers who blame themselves may not actively seek redress (Fu et al., 2015; Grewal et al., 2008), 

others argue that they still anticipate some form of recovery as a courtesy from the organisation (Janjua, 
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2017), despite attributing the failure to themselves. Furthermore, attributing failures to an internal locus 

tends to result in lower levels of dissatisfaction compared to external attributions (Fu et al., 2015; Janjua, 

2017; Srivastava & Gosain, 2020), leading to reduced negative post-failure responses (Sands et al., 2020; 

Srivastava & Gosain, 2020; Walton & Hume, 2012). However, prior research indicates a trend among 

customers to attribute favourable outcomes to internal factors while assigning blame for negative outcomes 

to external entities (Srivastava & Gosain, 2020; Swanson & Hsu, 2010). This predisposition suggests that 

attributions of external locus, wherein customers place the blame on the service provider, are more 

prevalent, particularly in the context of service failures. This inclination underscores the importance of 

exploring how external locus attributions shape customer responses. External attributions evoke a sense 

of distributive injustice among customers (Iglesias, 2009; Isabella et al., 2022), resulting in a higher level 

of dissatisfaction compared to internal attributions (Fu et al., 2015; Isabella et al., 2022; Srivastava & 

Gosain, 2020). Consequently, customers exhibit increased negative responses (Iglesias, 2009; Srivastava 

& Gosain, 2020; Walton & Hume, 2012). Moreover, customers tend to voice their dissatisfaction more 

openly when attributing failures externally, exhibiting a higher tendency to lodge complaints (Fu et al., 

2015; Janjua, 2017) and expecting greater redress or compensation from the service provider (Fu et al., 

2015; Grewal et al., 2008). Additionally, external locus attributions can cast a halo effect on customers' 

evaluations of the organisation as a whole, extending the impact of a specific failure to influence broader 

attitudes (Iglesias, 2009). Consequently, customers may negatively evaluate aspects of the service that 

were not directly related to the failure itself (Iglesias, 2009). While scholarly focus often centres on internal 

and external loci of causality, it is also crucial to consider the impact of situational factors on customer 

responses to service failures (Fu et al., 2015; Iglesias, 2009; Janjua, 2017). Attributing failure to factors 

within the environment, such as bad weather (Iglesias, 2009), eliminates the possibility of holding any 

individual accountable for the service failure. This absence of a specific target for blame can lead customers 

to feel a loss of control over their environment (Fu et al., 2015; Swanson & Hsu, 2010), potentially inducing 

distress or fear and consequently deterring them from expressing complaints (Janjua, 2017). 

In summary, understanding how customers attribute service failures to internal, external, and situational 

factors is essential for comprehending their responses (Sands et al., 2020; Srivastava & Gosain, 2020; 

Walton & Hume, 2012). Locus of causality attributions not only shape their perceptions of failure (Sands et 

al., 2020; Srivastava & Gosain, 2020; Van Vaerenbergh et al., 2014) but also their subsequent behaviours 

(Fu et al., 2015; Swanson & Hsu, 2010) and attitudes towards service providers (Fu et al., 2015; Iglesias, 

2009; Swanson & Hsu, 2010). 

2.1.2.2 Stability 

The stability dimension in attribution theory pertains to how enduring or lasting the perceived cause of the 

failure is believed to be over time (Iglesias, 2009), classifying causes as either stable or unstable. Stable 

causes are perceived as permanent factors that remain consistent over time (Leo & Huh, 2020; Srivastava 

& Gosain, 2020; Van Vaerenbergh et al., 2014), leading customers to believe that the cause is unlikely to 

change, and thus the failure is likely to recur in the future (Grewal et al., 2008; Leo & Huh, 2020; Walton 

& Hume, 2012). The more stable a cause is perceived to be, the greater the attribution of blame (Akhtar 

et al., 2019). In contrast, unstable causes are perceived as temporary or rare factors subject to fluctuations 

over time (Srivastava & Gosain, 2020; Van Vaerenbergh et al., 2014; Walton & Hume, 2012), suggesting 

that the failure is a one-off incident and not likely to recur (Grewal et al., 2008; Walton & Hume, 2012). 

Stability attributions are often formed based on consistency principles (Hess et al., 2003), with customers 
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relying on past experiences with the service provider to determine if the cause of the failure is temporary 

or persistent (Hess et al., 2003; Srivastava & Gosain, 2020). There is some debate in the literature 

regarding the impact of past service encounters on stability perception. While some scholars argue that 

customers who have previously experienced satisfactory service encounters are more likely to view a 

service failure as stemming from an unstable cause (Srivastava & Gosain, 2020), others suggest that the 

quality of past service encounters does not influence their stability attributions, but rather the number of 

past encounters (Hess et al., 2003). 

Stable attributions elicit a range of emotional reactions among customers (Van Vaerenbergh et al., 2014). 

Foremost among these is a pervasive fear of encountering the same failure in future service encounters 

(Van Vaerenbergh et al., 2014), instigating uncertainty regarding the service provider's reliability. 

Consequently, customers are more likely to engage in avoidance and switching behaviours (Walton & Hume, 

2012), seeking alternatives to reduce the perceived risk of recurrent failures. Moreover, stable attributions 

engender a sense of inequity in the customer-provider exchange (Grewal et al., 2008), as customers 

perceive the cause of the failure as systemic or ongoing issues within the service organisation. This 

perceived injustice often leads to heightened levels of dissatisfaction (Grewal et al., 2008; Srivastava & 

Gosain, 2020; Walton & Hume, 2012). Conversely, attributions of unstable causes typically lead to less 

dissatisfaction (Srivastava & Gosain, 2020) and, subsequently, evoke less negative responses (Srivastava 

& Gosain, 2020). Unlike stable attributions, which evoke fear and dissatisfaction, attributing failures to 

unstable causes tends to result in customers being more forgiving of the service provider's shortcomings 

(Srivastava & Gosain, 2020). As a result, customers are inclined to give the service provider another chance 

despite the failure, and thus, unstable attributions do not significantly influence customers' repatronage 

intentions (Grewal et al., 2008). Overall, stability attributions significantly influence several dimensions of 

customer responses to service failures. They profoundly affect the perceived equity of the exchange 

between the customer and the service provider (Grewal et al., 2008), shaping immediate post-failure 

dissatisfaction (Grewal et al., 2008; Srivastava & Gosain, 2020; Walton & Hume, 2012) as well as exerting 

a long-term effect on cumulative satisfaction with the service provider (Grewal et al., 2008). Additionally, 

these attributions play a pivotal role in shaping customers' expectations regarding future service 

performance (Grewal et al., 2008; Van Vaerenbergh et al., 2014; Walton & Hume, 2012), thereby 

influencing the likelihood of customer defection (Grewal et al., 2008; Walton & Hume, 2012). 

Understanding stability attributions is essential for service providers aiming to manage service failures 

effectively and implement successful recovery strategies. When customers attribute a service failure to 

stable causes, it disrupts the equity in the customer-provider exchange (Grewal et al., 2008). As a result, 

customers anticipate the restoration of this imbalance through recovery efforts, such as compensation 

(Grewal et al., 2008). Failure to provide compensation after stable failures can lead customers to perceive 

the company as unresponsive, exacerbating dissatisfaction and diminishing repurchase intentions (Grewal 

et al., 2008). In contrast, in unstable failures, customers are less likely to question the equity of the 

transaction, and they may give the service provider the benefit of the doubt, resulting in lower expectations 

of service recovery efforts (Grewal et al., 2008). Additionally, stability attributions are crucial in mediating 

the effectiveness of service recovery efforts (Grewal et al., 2008). These attributions give rise to different 

levels of equity, thereby influencing the efficacy of compensation as a recovery strategy (Grewal et al., 

2008). Furthermore, studies indicate that stability attributions diminish in response to recovery efforts, 

such as providing an explanation for service failures (Grewal et al., 2008). This implies that customers view 

failures as less enduring when insights into their causes are provided. 
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In summary, stability attributions significantly influence customer responses to service failures (Grewal et 

al., 2008; Srivastava & Gosain, 2020; Van Vaerenbergh et al., 2014) and the effectiveness of recovery 

efforts (Grewal et al., 2008). Acknowledging and addressing stability attributions is essential for service 

providers aiming to manage service failures effectively (Grewal et al., 2008) and maintain long-lasting 

customer relationships by decreasing customer defection (Grewal et al., 2008; Walton & Hume, 2012). 

2.1.2.3 Controllability 

The controllability dimension in attribution theory pertains to the extent to which customers perceive the 

service provider to have influence or control over the occurrence of a service failure (Bitner, 1990; Iglesias, 

2009; Walton & Hume, 2012). This perception reflects the degree to which customers believe the failure 

could have been prevented or avoided by the actions of the service provider (Janjua, 2017; Srivastava & 

Gosain, 2020; Van Vaerenbergh et al., 2014). When customers believe that the service failure was 

controllable and thus could have been prevented, their attribution of blame towards the service provider 

increases (Leo & Huh, 2020). On the other hand, customers tend to be more understanding if they perceive 

that the service provider had minimal control over the service failure (Fu et al., 2021). The formation of 

controllability attributions is significantly influenced by explanations provided by the service provider 

regarding the causes of the service failure (Grewal et al., 2008). Studies suggest that when customers 

receive explanations detailing the internal or external factors contributing to the failure, their attributions 

of control diminish (Grewal et al., 2008). Conversely, when no explanation is provided, customers are more 

inclined to attribute greater control to the service provider (Grewal et al., 2008). 

Controllability attributions in service failure situations are complex, and their impact has been examined in 

various studies, yielding mixed findings. Controllability attributions play a significant role in influencing 

dissatisfaction among customers following service failures (Srivastava & Gosain, 2020). Studies have shown 

that when customers perceive a failure as preventable by the service provider, their dissatisfaction levels 

tend to increase (Grewal et al., 2008; Janjua, 2017; Walton & Hume, 2012). Conversely, if the failure is 

deemed uncontrollable, customers' zone of tolerance becomes wider (Walton & Hume, 2012), allowing 

them to accept variations in service quality without feeling dissatisfied (Zeithaml et al., 1993). However, 

the impact of controllability attributions on dissatisfaction levels is subject to debate. While some studies 

support the notion that preventable failures generate higher levels of dissatisfaction (Grewal et al., 2008; 

Janjua, 2017; Walton & Hume, 2012), others have found no significant evidence for this claim (Srivastava 

& Gosain, 2020). Additionally, controllability attributions influence customers' post-failure behaviours, with 

controllable failures often leading to higher levels of complaining behaviour among customers (Janjua, 

2017). In contrast, uncontrollable failures tend to evoke greater forgiveness from customers, as they 

perceive the service provider as less responsible for the failure (Walton & Hume, 2012). Nonetheless, there 

is debate regarding the effect of controllability attributions on customer responses. Some studies suggest 

that controllable failures elicit increased emotions, such as anger among customers (Van Vaerenbergh et 

al., 2014), while others argue that there is no significant increase in negative emotional or behavioural 

responses (Walton & Hume, 2012). 

In conclusion, controllability attributions significantly shape customer perceptions and reactions following 

service failures. Most notable is the impact on customer dissatisfaction, with preventable failures typically 

leading to heightened levels of dissatisfaction (Grewal et al., 2008; Janjua, 2017; Walton & Hume, 2012). 

However, the effect of controllability on dissatisfaction levels remains debated in the literature (Srivastava 
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& Gosain, 2020). Overall, understanding the role of controllability attributions is crucial in comprehending 

customer responses to service failures. 

2.1.3 Impact of Service Failure 

The repercussions of service failure extend far beyond the immediate dissatisfaction experienced by 

customers during a service encounter. Kelley et al. (1993) noted that when a service failure occurs, 

consumers' initial and likely response is dissatisfaction. This dissatisfaction, as found by Hess et al. (2003), 

can escalate, particularly among highly involved customers, leading to greater dissatisfaction with the 

organisation as a whole. Disconfirmation of service expectations resulting from service failures triggers a 

chain of adverse outcomes. The literature provides a comprehensive list of consequences, including 

dissatisfaction (Adil et al., 2022; Lewis & McCann, 2004; Michel, 2001), customer defection (Janjua, 2017; 

Lewis & McCann, 2004; Michel, 2001), negative WOM (Adil et al., 2022; Holloway & Beatty, 2003; Janjua, 

2017), customer switching behaviour (Adil et al., 2022; Janjua, 2017; Smith et al., 1999), a decline in 

customer confidence (Lewis & McCann, 2004), and a decrease in employee morale and performance (Lewis 

& McCann, 2004). These adverse outcomes of service failure contribute to decreased revenue streams 

(Lewis & McCann, 2004) and increased operational costs (Holloway & Beatty, 2003; Smith et al., 1999; 

Swanson & Hsu, 2010), diminishing a company's profitability. While dissatisfaction is the immediate and 

palpable consequence, the broader spectrum of adverse effects underscores the extensive impact that 

service failure exerts on various dimensions. 

The extent of the adverse outcomes stemming from service failures is significantly influenced by how 

consumers attribute blame for the failure. The locus of causality plays a crucial role in shaping customer 

satisfaction levels. When attributing the failure to the service provider, customers tend to be more 

dissatisfied with the service than if they had attributed the failure to internal causes (Fu et al., 2015; 

Iglesias, 2009; Srivastava & Gosain, 2020). This is because external attributions directly implicate the 

service provider, intensifying negative emotions (Leo & Huh, 2020). When consumers perceive the cause 

of the failure as stable, meaning they believe the failure is likely to recur, they are more prone to engage 

in switching behaviour to avoid future service failures (Fu et al., 2021; Walton & Hume, 2012). This is 

driven by a fear of encountering the same issue in subsequent service interactions (Van Vaerenbergh et 

al., 2014). Moreover, when consumers attribute the failure to controllable factors, they are more likely to 

spread negative WOM (Leo & Huh, 2020; Weitzl et al., 2018). This reaction stems from the belief that the 

service provider had the power to prevent the failure but did not (Srivastava & Gosain, 2020), resulting in 

increased frustration and the desire to warn others (Weitzl et al., 2018). Overall, higher attributions of 

blame, whether stable, controllable, or external, correlate with increased dissatisfaction (Bitner, 1990; 

Srivastava & Gosain, 2020; Walton & Hume, 2012), exacerbating the negative impact on customer 

behaviours (Fu et al., 2015; Fu et al., 2021; Swanson & Hsu, 2010). 

2.2 Social Media Influencers 

2.2.1 Defining Social Media Influencers and Influencer Marketing 

In modern marketing, the power dynamics between brands and consumers have undergone a profound 

shift. Unlike traditional advertising, which predominantly originated from firms, today's brand 
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communication landscape is marked by the widespread prevalence of user-generated content (Chari et al., 

2016). Social media platforms have empowered content creation, allowing users to freely voice opinions, 

share expertise, and convey passions across diverse topics (Audrezet et al., 2020). Consumers have grown 

increasingly distrustful of traditional advertising tactics, developing a preference for authentic, peer-to-peer 

communication (Chari et al., 2016; Hughes et al., 2019; Ozuem et al., 2023). This shift has elevated the 

importance of content originating from fellow consumers, perceived as more genuine and trustworthy 

(Ozuem et al., 2023). It is within this context that the concept of SMIs emerges. SMIs are individuals who 

have honed their skills in crafting sophisticated and engaging content (Agnihotri et al., 2023; Audrezet et 

al., 2020; Dhanesh & Duthler, 2019) and have thereby cultivated a substantial following on various social 

media platforms (Audrezet et al., 2020; Jacobson & Harrison, 2022; Jin et al., 2019). This following can 

vary widely, with some SMIs commanding more than a million followers, while others, known as micro-

influencers, have smaller sets of followers ranging around 10 000 (Dhanesh & Duthler, 2019). SMIs typically 

define their online identity around particular themes or topics they specialise in (Agnihotri et al., 2023; 

Ozuem et al., 2023). This niche focus allows them to attract a specialised audience whose interests align 

with theirs (Jacobson & Harrison, 2022; Jin et al., 2019; Ozuem et al., 2023). Consequently, they gain 

popularity within specific communities and foster more genuine connections with their followers (Dhanesh 

& Duthler, 2019; Jacobson & Harrison, 2022; Jin et al., 2019). By actively engaging with their audience on 

a personal level (Agnihotri et al., 2023; Dhanesh & Duthler, 2019; Lim et al., 2017), SMIs can build 

meaningful relationships with their audience over time (Dhanesh & Duthler, 2019; Jacobson & Harrison, 

2022; Ozuem et al., 2023). This relational approach not only enhances the authenticity of their content 

(Jacobson & Harrison, 2022; Jin et al., 2019; Ozuem et al., 2023) but is also central to the success of the 

social media influences as it strengthens their influence (Dhanesh & Duthler, 2019; Jin et al., 2019), as 

followers feel personally connected and invested in the SMI's journey (Dhanesh & Duthler, 2019; Jin et al., 

2019). 

The ability of SMIs to establish an online status and attract a sizable audience has led to comparisons 

between them and celebrity endorsers (Ozuem et al., 2023). Some scholars even refer to SMIs as a type 

of micro-celebrity (Dhanesh & Duthler, 2019). There are certain similarities with celebrity endorsers, 

however, there are also differences (Dhanesh & Duthler, 2019). Traditional celebrities have created value 

for themselves through sports, music, movies or TV shows (Jin et al., 2019). However, SMIs refer to people 

who have gained fame through their presence on social media platforms (Jin et al., 2019). The utilisation 

of SMIs as brand endorsers has surged in popularity (Lim et al., 2017), signalling a shift towards a new 

breed of independent third-party endorsers (Audrezet et al., 2020; Dhanesh & Duthler, 2019; Freberg et 

al., 2011). Unlike traditional celebrities, SMIs are more akin to other consumers (Ozuem et al., 2023), and 

some social media users see them as a resemblance to themselves (Chatzigeorgiou, 2017; Jin et al., 2019). 

They embody traits of relatability (Dhanesh & Duthler, 2019; Ozuem et al., 2023), accessibility (Dhanesh 

& Duthler, 2019), and authenticity (Jacobson & Harrison, 2022; Jin et al., 2019; Ozuem et al., 2023) that 

resonate with their audience. Moreover, their messages are perceived as non-commercially motivated 

(Ozuem et al., 2023), enhancing their reliability (Ozuem et al., 2023), credibility (Dhanesh & Duthler, 2019; 

Ozuem et al., 2023), and trustworthiness (Agnihotri et al., 2023; Jacobson & Harrison, 2022; Jin et al., 

2019). This sincerity and believability foster genuine connections with their followers (Dhanesh & Duthler, 

2019; Lim et al., 2017; Ozuem et al., 2023), positioning SMIs as influential figures in shaping audience 

attitudes (Agnihotri et al., 2023; Dhanesh & Duthler, 2019; Freberg et al., 2011). By "expressing their 

opinions in product reviews, offering tips on product usage, and posting pictures or videos containing 

products or services" (Audrezet et al., 2020, p. 557), SMIs become a type of opinion leaders who shape 
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public opinion (Dhanesh & Duthler, 2019). Moreover, owing to their source credibility (Dhanesh & Duthler, 

2019; Ozuem et al., 2023), SMIs play a crucial role in shaping consumer behaviour, as they wield significant 

power over consumer choices (Jacobson & Harrison, 2022), impacting consumption habits (Jacobson & 

Harrison, 2022) and influencing purchasing intentions (Dhanesh & Duthler, 2019; Jin et al., 2019; Ozuem 

et al., 2023). Their sway extends beyond shaping consumer buying behaviours to effectively driving 

electronic WOM communication (Dhanesh & Duthler, 2019). Additionally, SMIs have a profound effect on 

consumer brand perceptions (Jacobson & Harrison, 2022), driving product engagement (Lim et al., 2017) 

and fostering brand loyalty among their followers (Lim et al., 2017). This comprehensive influence 

underscores the vital role that SMIs play in the contemporary landscape of consumer behaviour. 

In this thesis, an SMI is defined as an individual who creates compelling and engaging content, thereby 

cultivating a substantial online following. While the size of their audience may vary, what characterises 

SMIs is the relationship they establish with their followers, built on perceived authenticity, relatability, 

credibility, and trustworthiness. Through this relationship, SMIs can sway their audience's opinions, 

behaviours, and purchasing decisions of their audience. 

SMIs present themselves as typical consumers providing advice, yet they may have underlying commercial 

motives (Jacobson & Harrison, 2022). Consequently, this has engendered opportunities for corporations to 

forge alliances with SMIs, leveraging their platforms to endorse brands or organisations (Freberg et al., 

2011). This category of marketing activities is commonly denoted as influencer marketing. Influencer 

marketing, as defined by Audrezet et al. (2020, p. 557), involves "promoting brands through use of specific 

key individuals who exert influence over potential buyers", while Martínez-López (2020) characterises it as 

the employment of SMIs to foster favourable attitudinal and behavioural responses among their followers 

towards the interests of a brand. Influencer marketing combines elements of both paid and earned media 

(Hughes et al., 2019). Companies compensate SMIs for content creation, which constitutes a form of paid 

media (Hughes et al., 2019). However, the subsequent engagement among the SMI's followers and the 

WOM interactions that ensue epitomise elements of earned media (Hughes et al., 2019). SMIs excel in 

spreading messages, initiating trends, and boosting sales (Jin et al., 2019), thereby significantly influencing 

how customers perceive information, interact with products, and cultivate brand loyalty (Lim et al., 2017; 

Ozuem et al., 2023). As a result, companies are increasingly leveraging SMIs as brand endorsers (Lim et 

al., 2017), making their involvement a key component of social media marketing campaigns (Hughes et 

al., 2019; Jin et al., 2019). Influencer marketing operates on a parallel basis to celebrity endorsements. 

Within celebrity endorsements, the endorser's attributes, persona, and achievements are imbued onto the 

endorsed brand (Agnihotri et al., 2023). Similarly, in influencer marketing, followers' positive sentiments 

and affections for the SMI are transferred onto the endorsed brand, thereby enhancing the likelihood of 

acceptance and favourable attitudes towards the endorsed product or service (Agnihotri et al., 2023). The 

emotional connections followers foster towards the SMI hold substantial sway over their disposition to 

embrace the endorsement (Agnihotri et al., 2023). Due to consumers' inclination to place greater trust in 

SMIs than in traditional advertising channels (Agnihotri et al., 2023), influencer marketing emerges as a 

highly effective strategy (Audrezet et al., 2020; Ozuem et al., 2023). With returns on investment surpassing 

those of digital marketing by a factor of 11, influencer marketing is recognised as the foremost cost-efficient 

and effective trend in contemporary marketing practices (Lim et al., 2017). In this thesis, influencer 

marketing is defined as the strategic practice of leveraging the persuasive power of an SMI to promote 

brands or organisations and foster favourable attitudes and behaviours among their followers towards the 

interest of the brand or organisation. 
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2.2.2 Shaping Customer Expectations 

Customer expectations serve as a cornerstone in determining their satisfaction or dissatisfaction with the 

service they receive, ultimately influencing the likelihood of service failures (Holloway & Beatty, 2003). 

According to the expectation confirmation perspective, customer satisfaction hinges on the confirmation or 

disconfirmation of customer expectations (Hu et al., 2019). Satisfaction arises when customers' perceptions 

of service performance meet or exceed their expectations (Fornell et al., 1996; Poister & Thomas, 2011; 

Wong & Dioko, 2013). Meeting expectations results in confirmation, while exceeding expectations leads to 

positive disconfirmation; both contribute to customer satisfaction (Fornell et al., 1996; Poister & Thomas, 

2011; Wong & Dioko, 2013). Conversely, when service performance falls short of expectations, negative 

expectancy disconfirmation occurs, leading to dissatisfaction (Fornell et al., 1996; Poister & Thomas, 2011; 

Wong & Dioko, 2013). A study by Wong and Dioko (2013) elucidates that expectations not only serve as a 

benchmark against which customers evaluate their experiences but also exert a nuanced influence on 

perceived value. When customer expectations align with or surpass perceived performance, they contribute 

to higher perceived value and, subsequently, enhance satisfaction (Wong & Dioko, 2013). However, unmet 

expectations can diminish perceived value, leading to lower satisfaction levels (Wong & Dioko, 2013). In 

summary, customer expectations play a significant role in shaping satisfaction levels. 

These customer expectations can stem from various sources. Explicit service promises, which are 

commitments conveyed through advertising and other communication channels, represent one aspect 

(Zeithaml et al., 1993). They are complemented by numerous other factors, including implicit service 

promises, WOM communications, past experiences, and various individual attributes, such as personal 

needs (Zeithaml et al., 1993). It is incumbent upon companies to ensure that their commitments and 

promises align with the service standards they uphold, as any misalignment can lead to a discrepancy 

between customer expectations and the actual service delivered, resulting in a service failure (Zeithaml et 

al., 1993). Hence, companies often seek control over communication activities when working with SMIs, as 

they want to ensure that the messages conveyed align with their service standards (Borchers & Enke, 

2021). On the other hand, SMIs expect to retain creative freedom for their activities on their channels, 

valuing autonomy in their promotional endeavours (Borchers & Enke, 2021). However, this desire for control 

presents a dilemma for companies. Exerting control over the creative process of SMIs poses a delicate 

issue, as it could potentially jeopardise the authenticity and impact of the content they produce (Borchers 

& Enke, 2021). Nevertheless, not managing customer expectations can also be dangerous if the 

expectations do not reflect the service standards (Zeithaml et al., 1993). To strike a balance between 

control and creative autonomy, companies can supply SMIs with scripted outlines to guide their content 

creation (Borchers & Enke, 2021); however, SMIs can still assert their expectation of creative freedom for 

the content they produce on their channels (Borchers & Enke, 2021). This interplay underscores the 

significant role that SMIs play in shaping customer expectations, as their endorsements and content 

contribute to the formation of consumer perceptions and anticipations regarding the promoted services 

(Kumar & Kuldeep, 2022). 

It is essential to recognise that SMIs often embellish the services they promote in order to garner interest 

and increase their follower count (Tsai & Hsin, 2023). SMIs often adopt a strategic approach to portraying 

their experiences, employing techniques such as selective presentation and exaggeration (Rundin & 

Colliander, 2021; Tsai & Hsin, 2023). Rather than sharing an accurate portrayal of their experience, SMIs 

often deliberately present their experiences in a positive light while downplaying or altogether omitting the 
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negative aspects (Tsai & Hsin, 2023; Wellman et al., 2020). This selective presentation fosters positive 

perceptions and connections with their audience (Kim & Read, 2022). These SMIs justify their decision to 

prioritise positive content over negative experiences, asserting that it better serves their audience (Wellman 

et al., 2020). They argue that content highlighting positive experiences is more valuable to audiences than 

negative feedback (Wellman et al., 2020); however, this perspective also serves their own interests. Sharing 

unattractive content may result in a decline in followers, decreasing income potential as the amount of 

money SMIs can command for brand promotions hinges on the size of their follower base (Syrdal et al., 

2023). Furthermore, many SMIs participate in affiliate marketing programs (Abhishek & Srivastava, 2021; 

Mangiò & Di Domenico, 2022; Syrdal et al., 2023). Affiliate marketing is a performance-based strategy 

where affiliates promote products or services for a commission (Mangiò & Di Domenico, 2022; Syrdal et 

al., 2023). Affiliates earn a commission when somebody makes a purchase or clicks on a link provided by 

the affiliate (Abhishek & Srivastava, 2021; Mangiò & Di Domenico, 2022; Syrdal et al., 2023). Consequently, 

SMIs engaged in affiliate marketing are motivated to emphasise the positive attributes of their experiences, 

as they receive compensation for each lead generated (Mangiò & Di Domenico, 2022; Syrdal et al., 2023). 

Posting an accurate portrayal of their experience, including the negative aspects, might deter people from 

purchasing (Syrdal et al., 2023). If nobody purchases through the affiliate link, the SMI does not earn 

money from this post (Syrdal et al., 2023). In essence, cultivating a positive image is paramount for SMIs, 

not only for sustaining and growing their follower base but also for maximising their revenue streams 

through brand promotions, as they stand to earn more by emphasising positive content (Syrdal et al., 

2023). In addition to the conscious framing of their experiences, SMIs are more prone to having positive 

experiences than the average consumer (Wellman et al., 2020). SMIs frequently enjoy perks from service 

providers, including complimentary services, product coupons, and free samples (Gerrath & Usrey, 2021; 

Lu et al., 2014; Petrescu et al., 2018). These benefits contribute to their generally more favourable 

perceptions of the services they receive (Petrescu et al., 2018). These positive encounters manifest in their 

content, often resulting in a more optimistic depiction of the services they endorse (Petrescu et al., 2018). 

Due to the high source credibility associated with SMIs (Dhanesh & Duthler, 2019; Ozuem et al., 2023), 

consumers often perceive the experiences portrayed by SMIs as authentic (Jacobson & Harrison, 2022; Jin 

et al., 2019; Ozuem et al., 2023) and trustworthy (Agnihotri et al., 2023; Jacobson & Harrison, 2022; Jin 

et al., 2019). SMIs may also downplay their involvement in brand collaborations, potentially obscuring the 

fact that they are being compensated for positively reviewing a service (Gerrath & Usrey, 2021; Mangiò & 

Di Domenico, 2022; Rundin & Colliander, 2021). Consequently, consumers may form their expectations of 

a recommended service based on these depictions. However, if the service standards advertised by SMIs 

exceed the service standards of the service provider, it can pose challenges for companies in meeting these 

heightened expectations, potentially leading to an increase in service failures (Zeithaml et al., 1993). Thus, 

companies need to exercise caution when leveraging influencer marketing strategies, as SMIs play a 

significant role in shaping customer expectations, affecting their ability to fulfil these expectations during 

service encounters. 

2.2.3 Impact on Social Media Influencers 

The following section delves into the multifaceted impact of influencer marketing on SMIs. It explores the 

potential consequences of failing to maintain authenticity and credibility (Cheah et al., 2024; Gerrath & 

Usrey, 2021; Tsai & Hsin, 2023) and the factors that can mitigate adverse outcomes. Additionally, it 

examines how service failures, occurring when the recommended service falls short of the expectations 



P a g e  | 15 

created by the SMI, further exacerbate these challenges and affect SMIs' relationships with their audience 

(Ozuem et al., 2023; Scheer & Stern, 1992; Tsai & Hsin, 2023). By synthesising research findings, this 

section sheds light on key dynamics within the influencer marketing landscape. 

2.2.3.1 Erosion of Authenticity and Credibility 

The allure of SMI lies in their perceived authenticity in their communication (Audrezet et al., 2020; Jacobson 

& Harrison, 2022; Ozuem et al., 2023), viewing them as authentic figures amidst a landscape dominated 

by commercial discourse (Audrezet et al., 2020). Authenticity, defined as the degree to which consumers 

perceive that SMIs are driven by internal motivations, underscores the importance of genuine engagement 

in SMI communication (Audrezet et al., 2020). Unlike traditional marketing channels, SMIs offer a platform 

for what is perceived to be the voice of the ordinary consumer, sharing unbiased and trustable opinions 

(Audrezet et al., 2020; Ozuem et al., 2023). Consequently, followers expect SMIs to uphold the pillars of 

authenticity and credibility in their content (Audrezet et al., 2020). These attributes are the foundation of 

the SMI-follower relationship, fostering trust and loyalty (Cheah et al., 2024). However, the rise of influencer 

marketing presents challenges to the authenticity and credibility of SMIs. Their association with brands, 

through collaborations and sponsored content, may raise doubts about their authenticity and credibility 

among followers (Audrezet et al., 2020; Gerrath & Usrey, 2021). Moreover, brand encroachment into SMIs' 

content compromises authenticity (Audrezet et al., 2020), leading followers to question the sincerity of 

endorsements, which are perceived as driven more by financial incentives than genuine experiences 

(Ozuem et al., 2023). In the eyes of consumers, honesty and trustworthiness are paramount in 

endorsements (Cheah et al., 2024), and any perception of commercial motivation can undermine trust in 

both the SMI and the associated brand (Ozuem et al., 2023; Tsai & Hsin, 2023). Additionally, the inclination 

of SMIs to indiscriminately embrace endorsements and prioritise financial gain at the expense of content 

integrity contributes to growing consumer scepticism (Cheah et al., 2024). This scepticism is exacerbated 

by over-endorsement, where excessive promotion of products floods the consumer environment with 

commercial content, further compromising authenticity and credibility (Cheah et al., 2024). Inauthentic 

SMIs risk losing followers' interest (Tsai & Hsin, 2023) and diminishing their persuasive power (Cheah et 

al., 2024), as audiences perceive them as selling out and creating content for the sole purpose of increasing 

their profits (Audrezet et al., 2020). Hence, SMIs face significant challenges as they grapple with the erosion 

of authenticity and credibility stemming from over-endorsement and insincere recommendations (Cheah et 

al., 2024; Gerrath & Usrey, 2021; Tsai & Hsin, 2023). 

2.2.3.2 Loss of Followers 

In addition to the challenges posed by the erosion of authenticity and credibility, SMIs risk losing followers. 

Consumers tend to resist brand communication efforts, so if consumers perceive an SMI as no longer 

authentic or credible but instead driven by commercial motives, they may actively avoid their content and 

disassociate from the SMI (Ozuem et al., 2023). Moreover, followers engage with SMIs based on the 

perceived relevance of the information they provide (Syrdal et al., 2023). If followers discern that an SMI's 

content is driven primarily by commercial motives and lacks credibility, they may perceive it as less relevant 

or appealing (Syrdal et al., 2023). Consequently, when SMIs share content deemed irrelevant or 

unappealing by their followers, those followers are more inclined to discontinue their engagement and 

unfollow the SMI (Syrdal et al., 2023). Pradhan et al. (2023) introduce the term 'influencer avoidance' to 

better understand this phenomenon. Influencer avoidance refers to a phenomenon where followers 
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deliberately distance themselves from SMIs by avoiding or unfollowing their social media pages (Pradhan 

et al., 2023). This study, which focused on Generation Z individuals, revealed that despite being aware of 

SMIs receiving compensation for brand endorsements, people still expect SMIs to share information 

responsibly and provide genuine feedback (Pradhan et al., 2023). When followers perceive endorsements 

as insincere and SMIs as merely promoting brands without authenticity, they feel deceived and annoyed 

that their trust has been violated (Pradhan et al., 2023). Consequently, individuals may disengage from 

SMIs in response to insincere endorsements or misrepresentations (Pradhan et al., 2023). Moreover, a 

higher perception of brand control over the SMI increases the likelihood of followers engaging in influencer 

avoidance (Pradhan et al., 2023). Additionally, the phenomenon of influencer avoidance not only impacts 

the present engagement of SMIs but also has implications for their future revenue streams (Syrdal et al., 

2023). A shrinking follower base can significantly diminish the SMI's capacity to command higher fees for 

brand endorsements, as payment negotiation is largely contingent upon the size of their audience (Syrdal 

et al., 2023). 

2.2.3.3 Determinants of Impact 

2.2.3.3.1 Performance Outcomes 

Although the adverse consequences discussed previously can affect SMIs, it is essential to recognise that 

some factors can mitigate these impacts and potentially reduce their severity for SMIs. One of these factors 

is performance outcomes, which is particularly pertinent to the discussion on service failures. Performance 

outcomes refer to the external results stemming from the actions the follower takes in response to the 

SMI's persuasion (Scheer & Stern, 1992). The impact of these outcomes is particularly pronounced when 

consumers perceive that the actual experience does not align with the SMI's portrayal (Tsai & Hsin, 2023). 

This misalignment makes the consumer feel deceived and disappointed, underscoring the pivotal role of 

performance outcomes in shaping consumer attitudes (Tsai & Hsin, 2023). Notably, the performance factor 

heavily influences the consumer's decision to sustain engagement within the online community (Ozuem et 

al., 2023). The significance of performance outcomes in determining the impact of influencer marketing is 

further underscored by research on influencer dynamics in commercial exchanges. This study elucidates 

how the attitudes of the target audience towards influencers are shaped by the outcomes resulting from 

compliance (Scheer & Stern, 1992). Particularly relevant to influencer marketing, the study suggests that 

when performance outcomes become evident, they have the potential to alter attitudes shaped by 

influencer interactions (Scheer & Stern, 1992). Favourable outcomes can mitigate negative attitudes 

initially instigated by the influence, while unfavourable outcomes may undermine the positive attitudes 

initially fostered by influencers (Scheer & Stern, 1992). These findings emphasise the significant mitigating 

effect of performance outcomes on satisfaction with and trust in the influencer (Scheer & Stern, 1992). In 

essence, when a service failure ensues after an SMI endorses said service, it can profoundly influence 

followers' attitudes towards the SMI, underscoring the pivotal role of performance outcomes in shaping 

consumer perceptions (Ozuem et al., 2023; Scheer & Stern, 1992; Tsai & Hsin, 2023). 

2.2.3.3.2 Relationship Strength 

Furthermore, in addition to the influence of performance outcomes, the relationship between the SMI and 

their followers also plays a significant role in determining the impact of influencer marketing. Research 

conducted by Pradhan et al. (2023) indicates that individuals tend to be more critical of SMIs with whom 
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they perceive to have weaker connections. Consequently, these individuals are more inclined to punish 

such SMIs by avoiding their content (Pradhan et al., 2023). Conversely, followers exhibit greater sympathy 

towards SMIs with whom they feel a strong relationship, resulting in a higher likelihood of forgiveness and 

reduced tendency to disengage from their content (Pradhan et al., 2023). Thus, the close bond between 

the SMI and their followers offers a protective shield, helping to safeguard them from adverse effects of 

influencer marketing, such as loss of followers (Pradhan et al., 2023). This aligns with findings from 

research on service failure, highlighting the significant role of customer relationships in shaping customer 

responses to service failures (Hess et al., 2003; Srivastava & Gosain, 2020). Customer relationships have 

been shown to act as a protective buffer for service providers when service failures occur, reducing customer 

dissatisfaction (Hess et al., 2003). 

However, the concept of 'relational transgression,' as discussed by Ward and Ostrom (2006), suggests that 

customers may feel betrayed when the other party, whether a service provider or an SMI, violates their 

relationship. When the other party disrupts their relationship, it can lead to feelings of rejection because 

the customer realises that the other party does not hold the relationship in high regard (Ward & Ostrom, 

2006). However, it is crucial to recognise that for relational transgression to occur, a relationship must first 

be established. Thus, when customers perceive a strong relationship with the SMI or the service provider, 

they can experience higher levels of betrayal than when they have a weak or no relationship (Pradhan et 

al., 2023). Therefore, the customer relationship can amplify adverse customer reactions in the aftermath 

of service failures (Hess et al., 2003). 

In conclusion, the relationship dynamics between SMIs and their followers significantly influence how 

customers perceive service failures and their subsequent reactions. This nuanced understanding 

acknowledges that individual customers may react differently to service failures based on their familiarity 

and relationship with the SMI (Pradhan et al., 2023). Importantly, these relationships can exert either 

positive or negative influences on customer responses, as they can either mitigate the impact of service 

failures through a sense of trust and loyalty or exacerbate dissatisfaction if consumers perceive that their 

relationship has been betrayed (Hess et al., 2003; Pradhan et al., 2023; Ward & Ostrom, 2006). 

2.2.3.3.3 Trustworthiness 

The final aspect to consider in addressing the impact of influencer marketing is the perceived 

trustworthiness of the SMI. In the context of SMIs, trustworthiness pertains to the perceived reliability, 

honesty, and credibility of an SMI when expressing their opinions and recommending products and services 

(Al-Mu'ani et al., 2023). This quality instils confidence in followers regarding the integrity of the SMI's 

content and the genuineness of their endorsements (Lim et al., 2017). Trust is a relational quality cultivated 

over time through repeated actions and consistent behaviour, similar to the trust built in personal 

relationships (Ao et al., 2023). It holds significant importance as it directly influences how consumers 

interpret and respond to the messages conveyed by SMIs (Al-Mu'ani et al., 2023). When consumers trust 

an SMI, they anticipate positive outcomes from their relationship with the SMI, leading to increased 

engagement with their content and a greater likelihood of following their recommendations (Al-Mu'ani et 

al., 2023; Ao et al., 2023; Lim et al., 2017). Nevertheless, trustworthiness is not merely an added benefit 

but an inherent expectation of followers about SMIs (Martínez-López et al., 2020; Pradhan et al., 2023). 

SMIs are regarded as trustworthy sources of information that followers turn to for unbiased and genuine 

opinions (Audrezet et al., 2020; Croes & Bartels, 2021; Pradhan et al., 2023). Therefore, in the context of 

SMIs, trustworthiness is fundamental for establishing and maintaining a loyal follower base. 
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However, the perceived trustworthiness of SMIs can be significantly undermined when they post commercial 

content (Ozuem et al., 2023). Studies have shown that consumers' trust in SMIs significantly decreases 

when they perceive them as deliberately advertising brands without transparency about their commercial 

relationships (Mangiò & Di Domenico, 2022; Pradhan et al., 2023). When consumers recognise a brand's 

presence, they may question the SMI's impartiality, suspecting that their partnership with the brand is 

motivated by commercial interests (Martínez-López et al., 2020; Ozuem et al., 2023). As a result, 

consumers may become more wary, doubting whether the SMI's endorsements genuinely reflect their own 

opinions or if they are merely acting under the direction of the brand (Martínez-López et al., 2020; Pradhan 

et al., 2023). Thus, the more commercial the content, the lower the trust their followers place in the SMI 

(Martínez-López et al., 2020). 

Thus, when followers perceive the SMI as trustworthy, they are more likely to believe that the SMI's 

statements and endorsements are sincere and based on genuine opinions (Lim et al., 2017). However, 

when consumers' trust in the SMI is low, they perceive the SMI as deliberately advertising and will see their 

message as commercial, thus not as genuine opinions (Mangiò & Di Domenico, 2022; Pradhan et al., 2023). 

Moreover, when SMIs provide misleading information favouring a brand, consumers may perceive a breach 

of trust and feel that the SMI has failed to meet their expectations of being reliable (Ozuem et al., 2023). 

This breach of trust can trigger negative feelings towards the SMI, leading consumers to hold them 

accountable for any resultant dissatisfaction (Pradhan et al., 2023). As a result, followers who lose trust in 

the SMI are more likely to hold them responsible for any resulting consequences (Ozuem et al., 2023; 

Pradhan et al., 2023). 

In conclusion, participation in influencer marketing strategies inherently exposes SMIs to risks concerning 

their perceived authenticity and credibility (Cheah et al., 2024; Gerrath & Usrey, 2021; Ozuem et al., 2023). 

The erosion of authenticity and credibility among SMIs may lead to a loss of followers, as audiences who 

perceive the SMI as no longer authentic may choose to disengage from their content, thereby diminishing 

the reach and influence of the SMI (Ozuem et al., 2023; Pradhan et al., 2023; Syrdal et al., 2023). However, 

these adverse outcomes can be mitigated through several mechanisms. Firstly, performance outcomes 

stemming from actions taken by followers in response to SMI persuasion offer a nuanced perspective 

(Ozuem et al., 2023; Scheer & Stern, 1992; Tsai & Hsin, 2023). Positive outcomes have the potential to 

mitigate negative attitudes instigated by brand endorsement, while service failures can undermine the 

positive attitudes fostered by SMIs with their followers (Scheer & Stern, 1992). Secondly, the strength of 

the relationship between SMIs and their followers significantly shapes audience perceptions and responses 

(Hess et al., 2003; Pradhan et al., 2023). Lastly, the perceived trustworthiness of SMIs significantly shapes 

followers' interpretations of their messages and the genuineness they attribute to their endorsements. 

These factors collectively underscore the complex dynamics in influencer marketing, highlighting 

possibilities and challenges for SMIs to navigate and uphold their integrity amidst commercial pressures. 

2.2.4 Attribution of Failure 

Building upon the attribution theory previously discussed, which examines how individuals attribute blame 

in the context of service failures (Bitner, 1990; Srivastava & Gosain, 2020; Van Vaerenbergh et al., 2014), 

this section aims to explore the attribution of blame in the context of service failures involving SMIs. 

Specifically, we will focus on the potential role of SMIs as a locus of causality for service failures. In essence, 

the locus of causality refers to the perceived source of service failures; thus, who the customer perceives 
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is responsible for the service failure (Fu et al., 2015; Sands et al., 2020; Srivastava & Gosain, 2020). 

According to attribution theory, individuals tend to attribute the cause of an event to factors within the 

service organisation, factors within themselves, or factors within the environment (Fu et al., 2015; Sands 

et al., 2020; Srivastava & Gosain, 2020). However, this study will also examine the SMI as a possible locus 

of causality. Specifically, it explores how consumers may assign blame to SMIs when a service they 

recommend fails to meet expectations. 

Previous research has examined the attribution of failure in the hospitality industry related to scenarios 

with fake reviews (Akhtar et al., 2019). Particularly relevant to this thesis, the study considered the impact 

of fake expert reviews designed to deceive readers into purchasing services from specific firms (Akhtar et 

al., 2019). The study found that unfair practices in online reviews contribute significantly to consumer 

deception and, ultimately, to dissatisfaction (Akhtar et al., 2019). Consequently, consumers often attribute 

the service failure to the fake reviewers, shifting the locus of causality from the service providers to those 

responsible for the misleading information (Akhtar et al., 2019). Building upon these findings, this thesis 

explores the attribution of failure in the context of influencer marketing. Just like responsibility can be 

assigned to the fake reviewer (Akhtar et al., 2019), customers can also blame the SMI who recommended 

the service (Ozuem et al., 2023). When customers perceive the SMI's role in the failure as minimal, they 

are less inclined to attribute negative assessments of the service failure to them (Ozuem et al., 2023). 

Conversely, heightened perceptions of the SMI's responsibility are associated with increased assignment of 

negative evaluations to the SMI, thereby diminishing the blame directed towards the service provider. 

The extent to which SMIs are held accountable for a service failure can vary based on several factors. The 

strength of the relationship between the SMI and their followers (Pradhan et al., 2023) and the perceived 

trustworthiness of the SMI (Ozuem et al., 2023; Pradhan et al., 2023) have emerged as mitigating factors 

for the impact of influencer marketing on the SMI. However, no research has looked at these factors in the 

context of blame attribution in instances where consumers seek services based on SMI recommendations. 

2.3 Theory 

While extensive research has delved into the dynamics of attributing blame in traditional service failure 

scenarios, a notable gap persists in the literature regarding the attribution of failure in cases involving SMI 

recommendations. Existing research has extensively explored attribution theory and its applications within 

conventional service contexts, meticulously examining how individuals assign responsibility amidst service 

failures (e.g., Iglesias, 2009; Srivastava & Gosain, 2020; Swanson & Hsu, 2010; Van Vaerenbergh et al., 

2014; Walton & Hume, 2012). However, very little attention has been devoted to understanding the unique 

dynamics at play when service failures intersect with influencer marketing. SMIs are a relatively novel topic 

in marketing research, yet despite their increasing prominence in marketing research, the existing literature 

predominantly focuses on their effectiveness in influencing consumer behaviour (e.g., Agnihotri et al., 2023; 

Al-Mu'ani et al., 2023; Ao et al., 2023; Hughes et al., 2019; Kumar & Kuldeep, 2022). Nevertheless, scholars 

have not yet examined how consumers attribute blame in instances of service failures related to SMI 

recommendations. This lack of academic research underscores a significant gap in the literature, compelling 

the need for a comprehensive investigation. Thus, this study aims to address this gap by examining the 

attribution of blame in service failure scenarios related to SMI recommendations, thereby contributing novel 

insights to attribution theory and the emerging field of influencer marketing research. 
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2.3.1 Aim and Objectives 

This study aims to examine how consumers attribute blame in cases of service failure related to SMI 

recommendations. The research focuses on instances of service failures following SMI recommendations. 

In these scenarios, consumers encounter content created by SMIs endorsing a service provider. Motivated 

by the SMI's portrayal of the service, consumers patronise the recommended service provider. However, 

upon experiencing the service firsthand, consumers find it fails to meet their expectations. This disparity 

between expectation and reality could manifest in various forms, such as the service quality being lower 

than depicted or the overall experience falling short of the SMI's portrayal. For the purpose of this thesis, 

the research does not focus on a specific type of service or a particular service industry. Instead, the 

research adopts a broader perspective in which all types of services spanning various industries will be 

considered. 

The research explores the attribution of blame in such instances and its impact on consumer satisfaction. 

It examines whether consumers assign responsibility to the SMI for misrepresenting the service or to the 

service provider for failing to deliver as expected. With the pervasive influence of SMIs on consumer 

behaviour, understanding how consumers assign responsibility in instances of service failures becomes 

paramount. The research will examine two key facets of the SMI that influence whether blame is placed on 

the SMI or the service provider. To achieve this aim, the research is guided by three primary objectives: 

• To explore how the relationship strength between the SMI and their followers affects the attribution 

of blame for a service failure. 

• To explore how the perceived trustworthiness of the SMI affects the attribution of blame for a service 

failure. 

• To explore how the blame attribution for a service failure affects the overall consumer satisfaction 

with the service provider. 

2.3.2 Hypotheses 

2.3.2.1 Relationship Strength 

As highlighted in research on service failures, the strength of customer relationships plays a significant role 

in shaping customer responses to service failures (Hess et al., 2003; Srivastava & Gosain, 2020). Customer 

relationships act as a protective buffer for service providers, reducing customer dissatisfaction (Hess et al., 

2003). Importantly, this principle extends beyond traditional customer relationships to the realm of SMIs, 

where followers demonstrate increased sympathy towards SMIs with whom they share strong relationships 

(Pradhan et al., 2023). Consequently, customers may react differently to service failures based on their 

familiarity with the SMI (Ozuem et al., 2023; Pradhan et al., 2023). Favourable attitudes towards the SMI 

reduce the chances of customers holding the SMI accountable for such failures (Ozuem et al., 2023). 

Therefore, the following hypotheses are proposed: 

H1a: Relationship strength between the customer and the SMI is negatively associated with the 

degree to which blame for service failure is attributed to the SMI. 

H1b: Relationship strength between the customer and the SMI is positively associated with the 

degree to which blame for service failure is attributed to the service provider. 
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These hypotheses aim to explore the complex interplay between customer relationships and blame 

attribution in the context of service failures related to SMI recommendations. 

2.3.2.2 Perceived Trustworthiness 

The perceived trustworthiness of SMIs significantly influences how consumers interpret and respond to 

their messages (Al-Mu'ani et al., 2023). When followers view an SMI as highly trustworthy, they place 

confidence in the integrity and genuineness of their content and endorsements (Lim et al., 2017). 

Consequently, when followers perceive the SMI as trustworthy, they are more likely to believe that the 

SMI's statements and endorsements reflect genuine opinions (Lim et al., 2017). This leads them to believe 

that the SMI's representation of the service is an accurate reflection of their experience. However, when 

followers detect the presence of a brand in an SMI's content, they may question the SMI's impartiality and 

suspect that commercial interests drive their partnership with the brand (Martínez-López et al., 2020; 

Ozuem et al., 2023). Hence, when consumers' trust in the SMI is low, they perceive the SMI as deliberately 

advertising and will see their message as commercial, thus not as genuine opinions (Mangiò & Di Domenico, 

2022; Pradhan et al., 2023). Consequently, if the SMI's representation of a service experience differs 

significantly from what followers actually experience, they may feel misled by the SMI's portrayal. 

Additionally, if SMIs provide misleading information favouring a brand, consumers may perceive a breach 

of trust and feel that the SMI has failed to meet their expectations of being reliable (Ozuem et al., 2023). 

This breach of trust can trigger negative feelings towards the SMI, leading consumers to attribute blame 

to them (Pradhan et al., 2023). 

Therefore, the following hypotheses are proposed: 

H2a: Perceived trustworthiness of the SMI is negatively associated with the degree to which blame 

for service failure is attributed to the SMI. 

H2b: Perceived trustworthiness of the SMI is positively associated with the degree to which blame 

for service failure is attributed to the service provider. 

These hypotheses aim to explore the intricate relationship between the perceived trustworthiness of SMIs 

and blame attribution in the context of service failures related to SMI recommendations. 

2.3.2.3 Overall Satisfaction 

The attribution of blame following a service failure is a critical determinant of customer satisfaction (Bitner, 

1990; Srivastava & Gosain, 2020). In this research, the locus of causality — who is seen as responsible 

from the customer's point of view (Isabella et al., 2022) — is a central focus. This concept plays a crucial 

role in determining customer satisfaction or dissatisfaction post-service encounter (Srivastava & Gosain, 

2020; Van Vaerenbergh et al., 2014). Attribution of blame towards an external source, such as the service 

provider, generally leads to feelings of distributive injustice (Iglesias, 2009; Isabella et al., 2022) and 

heightened dissatisfaction (Isabella et al., 2022; Srivastava & Gosain, 2020), while internal attributions 

often result in lower dissatisfaction (Janjua, 2017; Srivastava & Gosain, 2020). In the context of service 

failures following SMI recommendations, attributing blame to either the SMI or the service provider can 

significantly influence overall customer satisfaction. Previous research on the attribution of failure has 

demonstrated that high blame attribution towards the service provider can decrease the overall satisfaction 

of the service provider (Isabella et al., 2022; Srivastava & Gosain, 2020), as customers perceive the service 



P a g e  | 22 

provider as directly accountable for the failure (Isabella et al., 2022). Conversely, high blame attribution 

towards the SMI is expected to increase satisfaction with the service provider, as customers may absolve 

the service provider of responsibility for the failure. 

Therefore, the following hypotheses are proposed: 

H3a: The degree to which blame for service failure is attributed to the SMI is positively associated 

with overall satisfaction with the service provider. 

H3b: The degree to which blame for service failure is attributed to the service provider is negatively 

associated with overall satisfaction with the service provider. 

These hypotheses aim to explore the relationship between blame attribution following a service failure and 

the level of overall satisfaction that the customer feels towards the service provider in the context of service 

failures related to SMI recommendations. 

2.3.3 Control Variables 

2.3.3.1 Service Failure Severity 

Service failure severity is incorporated as a control variable in this study due to its potential to influence 

customer responses to service failures (Hess, 2008). The severity of a service failure — whether it involves 

minor inconveniences or major disruptions — can shape how consumers perceive responsibility and 

attribute blame. Research suggests that more severe service failures often elicit stronger negative 

emotional reactions and a greater tendency to attribute blame externally, typically towards the service 

provider (Srivastava & Gosain, 2020; Swanson & Hsu, 2010). Therefore, accounting for the severity of the 

service failure is essential to isolate the effects of the relationship strength and the perceived 

trustworthiness of the SMI on blame attribution. Moreover, studies indicate that more severe service failures 

lead to higher customer dissatisfaction than milder incidents (Hess, 2008). Given the established literature 

demonstrating a direct link between failure severity and customer satisfaction, this study includes this 

variable in the conceptual model to address its impact on the dependent variable. 

2.3.3.2 Service Quality 

Service quality is included as a control variable in this study due to its significant impact on customer 

perceptions and evaluations of services. The quality of service a business provides can profoundly influence 

how customers assess their overall experience and satisfaction levels (Zeithaml et al., 1993). High service 

quality generally leads to greater customer satisfaction, whereas poor service quality is often associated 

with increased dissatisfaction (Falk et al., 2010; Shemwell et al., 1998). Given the established literature 

indicating a direct relationship between service quality and customer satisfaction, this study incorporates 

this variable into the model to account for its recognised influence on the dependent variable. Including 

service quality in the regression analysis helps to account for its effects, allowing for a clearer understanding 

of the impact of the primary variables of interest, namely the relationship strength between the customer 

and the SMI and the perceived trustworthiness of the SMI. 
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2.3.4 Conceptual Model 

The hypotheses form the basis for the development of the conceptual model. This conceptual model 

elucidates the intricate relationship between customer relationships, the perceived trustworthiness of SMIs, 

and blame attribution in service failure scenarios related to SMI recommendations. Control variables were 

included in the conceptual model to account for their known impact on the dependent variables. This 

ensures that observed relationships are not confounded by service failure severity and service quality. 

 

Figure 1: Conceptual Model 
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3. METHODOLOGY 

3.1 Research Design 

Given the focus on understanding the relationship between key facets of SMIs and blame attribution 

following service failures, a quantitative approach was chosen for this study. The quantitative approach was 

selected because of its capability to test causal relationships between variables (Sekaran & Bougie, 2017). 

Using a cross-sectional design, data is gathered at a single point in time (Sekaran & Bougie, 2017), which 

is suitable for capturing the current state of consumer perceptions and attitudes towards SMIs and service 

providers. This design choice aligns with prevailing research methodologies in service failure and failure 

attribution research studies. Most studies on service failure attribution use either experimental or cross-

sectional data, and longitudinal studies on service failure attributions remain sparse in the literature (Van 

Vaerenbergh et al., 2014). Moreover, cross-sectional designs are prevalent in studies examining influencer 

marketing's impact on consumer behaviour (Agnihotri et al., 2023; Croes & Bartels, 2021; Kim & Kim, 

2021), reinforcing the appropriateness of this approach. 

The key variables in this study are: 

Relationship Strength: This variable measures the strength of the parasocial relationship between 

the SMI and their followers. It assesses how closely consumers feel connected to the SMI and the 

extent of their engagement with the SMI's content (Leite & Baptista, 2022). 

Trustworthiness: This variable measures the perceived trustworthiness of the SMI. It evaluates 

consumers' beliefs about the SMI's honesty and the extent to which they trust the SMI's 

recommendations (Lee & Eastin, 2021). 

Blame Attribution SMI: This variable captures how much blame a consumer places on the SMI for 

the service failure (Maxham & Netemeyer, 2002). It examines the extent to which the SMI is held 

responsible, for example, for misrepresenting the service. 

Blame Attribution Service Provider: This variable measures how much blame a consumer places on 

the service provider for the service failure (Maxham & Netemeyer, 2002). It evaluates the extent to 

which the service provider is held responsible, for example, for failing to meet expectations. 

Satisfaction: This variable measures the level of overall satisfaction that the consumer feels towards 

the service provider. It is an assessment of the service as a whole made by the consumer, considering 

the entirety of their service experience (Martins Gonçalves & Sampaio, 2012). 

The control variables in this study are: 

Service Failure Severity: This variable measures the perceived intensity of the service failure from 

the consumer's perspective (Tsarenko & Tojib, 2012). It captures how serious the consumer perceives 

the service failure to be. 

Service Quality: This variable captures the customer's overall evaluation of the service based on their 

experience during the service encounter (Tran & Le, 2020). It reflects the quality of the service as 

perceived by the customer. 
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These variables have been selected to explore specific relationships and dynamics within the context of 

service failures related to SMI recommendations. Multiple regression analyses will be conducted to explore 

various causal relationships between these variables. Additionally, control variables such as service failure 

severity and service quality are included in the analysis to mitigate the influence of other factors on the 

outcomes. 

3.2 Data Collection 

3.2.1 Sample 

This thesis explores consumer behaviour following a service failure subsequent to an SMI's 

recommendation. Therefore, participation in the survey requires prior experience of such an event. The 

research takes a broad approach by encompassing various types of services, service industries, and service 

failures without focusing on any specific service type, industry, or type of service failure. Demographically, 

the study imposes no restrictions based on age, gender, or location. However, given that buying decisions 

influenced by SMIs predominantly involve Generation Z and Millennial consumers (Chevalier, 2023), the 

majority of participants are expected to be under 45 years old. Ensuring that the sample reflects this 

demographic is crucial for maintaining the relevance and applicability of the study's findings (Walliman, 

2021). 

3.2.2 Research Instrument Design 

A questionnaire was selected as the quantitative research instrument for this study. Questionnaires are a 

popular method for collecting quantitative data due to their ability to minimise researcher bias (Walliman, 

2021) and their efficiency in gathering data from a large sample (Flick, 2015). The questionnaire for this 

research study was created using Qualtrics. The decision to use Qualtrics was primarily based on its 

availability through the university's research infrastructure. Furthermore, Qualtrics facilitates 

straightforward survey design and data collection. It offers features such as a wide variety of question 

types to capture nuanced responses, forced response mechanisms to eliminate missing data, branching 

logic for adaptive survey paths based on participant responses, and direct export capabilities to SPSS for 

efficient data analysis. These features make Qualtrics suitable for conducting rigorous quantitative research 

in an online survey format, aligning well with the study's methodological requirements. 

The survey begins with a participant consent process, informing individuals about the study's purpose and 

obtaining their agreement to participate. Only consenting participants can proceed. Participants are then 

screened to ensure they meet the selection criteria: having experienced a service failure after following an 

SMI's recommendation. Participants meeting these criteria proceed to the main survey, while those who do 

not are excluded from further participation. 

To contextualise participants' responses, an initial open-ended question asks them to describe their 

experience with the service failure. This serves as a priming question to align subsequent responses with 

their specific service failure event. Although not part of the data analysis, this step ensures participants' 

alignment with the study's focus and will help to eliminate those who did not meet the required criteria or 

were not attentive while completing the survey. 
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The main section of the questionnaire focuses on measuring the seven variables outlined in the conceptual 

model, with participants using a 1-7 point Likert scale for each item. For this study, existing scales that 

have been rigorously validated in prior research were selected, ensuring the reliability and validity of the 

scales in measuring the intended variables effectively within the study context. Detailed descriptions of 

each variable's measurement, including the number of items and their sources, can be found in table 1. By 

leveraging established scales, this research benefits from instruments that have demonstrated robustness 

in assessing constructs such as relationship strength, trustworthiness, blame attribution, overall 

satisfaction, service quality, and service failure severity in the relevant literature. The scales included: 

• Service Failure Severity: Adapted from Tsarenko and Tojib (2012), using a 4-item scale. 

• Relationship Strength: Adapted from Leite and Baptista (2022), using a 9-item scale. 

• Trustworthiness: Adapted from Lee and Eastin (2021), using a 4-item scale. 

• Blame Attribution SMI: Adapted from Maxham and Netemeyer (2002), using a 3-item scale. 

• Blame Attribution Service Provider: Adapted from Maxham and Netemeyer (2002), using a 3-item 

scale. 

• Service Quality: Adapted from Tran and Le (2020), using a 7-item scale. 

• Satisfaction: Adapted from Martins Gonçalves and Sampaio (2012), using a single-item scale. 

Table 1: Measurement Scales 

Variable Question Likert scale Adapted from 

Service Failure 

Severity 

How severe do you think this 

situation was? 

Not severe at all (1) 

Extremely severe (7) 

Tsarenko & 

Tojib (2012) 

What level of inconvenience has this 

situation caused you? 

Not inconvenient at all (1) 

Extremely inconvenient (7) 

What level of stress has this situation 

caused you? 

Not stressful at all (1) 

Extremely stressful (7) 

How unfair do you think this situation 

was? 

Not unfair at all (1) 

Extremely unfair (7) 

Relationship 

Strength 

When this influencer shows me how 

they feel about something, it helps 

me make up my own mind about the 

issue. 

Strongly disagree (1) 

Strongly agree (7) 

Leite & 

Baptista 

(2022) 

This influencer makes me feel 

comfortable, as I am with friends. 

Strongly disagree (1) 

Strongly agree (7) 

I see this influencer as a natural, 

down-to-earth person. 

Strongly disagree (1) 

Strongly agree (7) 

I look forward to viewing or hearing 

about this influencer. 

Strongly disagree (1) 

Strongly agree (7) 

If this influencer appeared on a 

television program, I would watch 

that program. 

Strongly disagree (1) 

Strongly agree (7) 

I would like to meet this influencer in 

person. 

Strongly disagree (1) 

Strongly agree (7) 
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I think this influencer is like an old 

friend. 

Strongly disagree (1) 

Strongly agree (7) 

I follow what this influencer is saying 

and doing. 

Strongly disagree (1) 

Strongly agree (7) 

When I'm viewing this influencer on 

Instagram/TikTok/YouTube/…, I feel 

as if I am part of their group. 

Strongly disagree (1) 

Strongly agree (7) 

Trustworthiness Although this influencer posts ads, 

they give meaningful insights into the 

products. 

Strongly disagree (1) 

Strongly agree (7) 

Lee & Eastin 

(2021) 

This influencer gives very honest 

reviews on brands. 

Strongly disagree (1) 

Strongly agree (7) 

The products and brands this 

influencer endorses vibe well with 

their personality. 

Strongly disagree (1) 

Strongly agree (7) 

This influencer promotes products 

they would actually use. 

Strongly disagree (1) 

Strongly agree (7) 

Blame 

Attribution SMI 

The problem that I encountered was 

all the influencer's fault. 

Strongly disagree (1) 

Strongly agree (7) 

Maxham & 

Netemeyer 

(2002) To what extent was the influencer 

responsible for the problem that you 

experienced? 

Not at all responsible (1) 

Totally responsible (7) 

To what extent do you blame the 

influencer for this problem? 

Not at all (1) 

Completely (7) 

Blame 

Attribution 

Service Provider 

The problem that I encountered was 

all the service provider's (the 

company's) fault. 

Strongly disagree (1) 

Strongly agree (7) 

Maxham & 

Netemeyer 

(2002) 

To what extent was the service 

provider (the company) responsible 

for the problem that you 

experienced? 

Not at all responsible (1) 

Totally responsible (7) 

To what extent do you blame the 

service provider (the company) for 

this problem? 

Not at all (1) 

Completely (7) 

Service quality The employee(s) in the service 

organisation understood my needs. 

Strongly disagree (1) 

Strongly agree (7) 

Tran & Le 

(2020) 

The employee(s) carried out the 

service exactly as I expected it. 

Strongly disagree (1) 

Strongly agree (7) 

The employee(s) provided prompt 

and quick service. 

Strongly disagree (1) 

Strongly agree (7) 

The employee(s) made me feel 

comfortable in dealing with them. 

Strongly disagree (1) 

Strongly agree (7) 
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The employee(s) provided in-depth 

information of the service. 

Strongly disagree (1) 

Strongly agree (7) 

The employee(s) were willing to help 

me. 

Strongly disagree (1) 

Strongly agree (7) 

Generally, the physical facilities and 

employee(s) are neat and clean. 

Strongly disagree (1) 

Strongly agree (7) 

Satisfaction Overall, how satisfied are you with 

the service provider? 

Completely dissatisfied (1) 

Completely satisfied (7) 

Martins 

Gonçalves & 

Sampaio 

(2012) 

Demographic information was collected at the end of the survey to provide additional context about the 

sample. For the complete questionnaire used in this study, please refer to Appendix B. The questionnaire 

was administered exclusively in English, as detailed in Appendix B; no versions in other languages were 

available. 

3.2.3 Research Instrument Distribution 

The data was collected in a non-contrived setting, allowing participants to respond in their natural 

environment (Sekaran & Bougie, 2017). This approach enhances the external validity of the study by 

minimising researcher interference (Sekaran & Bougie, 2017) and ensuring that respondents are more 

likely to react and behave naturally without being influenced by the presence of the researcher (Walliman, 

2021). However, there are limitations to this approach. The non-contrived setting makes it harder to 

manipulate extraneous factors that are not being tested (Sekaran & Bougie, 2017), such as service failure 

severity and service quality. Because these variables cannot be controlled in the non-contrived study 

setting, they are included in the analysis to account for their potential effects on the dependent variables. 

Given the nature of the online survey, it was easily distributed through various channels. Due to time and 

budget constraints, a non-probability convenience sampling method was adopted. This method involves 

selecting a sample that is readily accessible and convenient, though it may not be representative of the 

broader population (Sekaran & Bougie, 2017). The choice of convenience sampling was further informed 

by the demographic characteristics of the target population — individuals who have experienced a service 

failure following an SMI's recommendation. Importantly, this demographic aligns closely with the 

researcher's age group and network. This alignment increases the likelihood that the convenience sampling 

strategy would effectively reach an audience that shares relevant characteristics with the broader 

population of interest. While acknowledging its limitations in generalisability, this approach was deemed 

suitable to capture insights from individuals who have encountered such service failures, thereby providing 

valuable quantitative data for the study. 

The questionnaire was initially sent to the student body at the University of Hasselt. Leveraging the 

university's internal mailing lists ensured a broad reach within this academic community. Additionally, the 

survey was distributed to friends and family to increase reach. The survey was also posted on Reddit and 

SurveyCircle, platforms where users participate in survey exchanges, to reach a wider audience. These 

platforms primarily consist of other researchers, such as bachelor, master, or PhD students conducting their 

own research. Participants on these platforms complete each other's surveys, increasing the response rate 

through mutual collaboration. 
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The data collection period ran from the 23rd of May 2024 until the 11th of July 2024. During this period, 

participants were continually encouraged to complete the survey through follow-up reminders and 

additional posts on social media platforms. 

Ethical considerations were carefully addressed in the distribution process. Participants were informed 

about the study's purpose, the voluntary nature of their participation, and their right to withdraw at any 

time without any consequences. Confidentiality and anonymity of the responses were assured, and all data 

was securely stored and handled with care to protect participants' privacy. 

The primary data collected from the survey was sent to the SPSS software (version 29.0.2.0) for analysis. 

The analysis will be explained in more detail in the following section. 

3.3 Data Analysis Plan 

In order to test the hypotheses, various regression analyses will be performed in this research. Multiple 

regression analysis is a method to evaluate the degree and nature of a relationship between multiple 

variables (Sekaran & Bougie, 2017). However, before conducting the regression analysis, certain conditions 

about the data should first be checked. 

The first condition to consider is the sample size. The required sample size depends on the number of 

independent variables in the regression model. Since more than one regression analysis will be performed, 

with varying numbers of independent variables, the sample size for this research will be calculated based 

on the total number of independent variables across all analyses (six: relationship strength, perceived 

trustworthiness, blame attribution towards SMI, blame attribution towards service provider, service failure 

severity, and service quality). According to Stevens (1996, cited in Pallant, 2020), there should be at least 

15 observations per predictor. This study requires a minimum sample size of 90 observations (6 predictors 

* 15 observations per predictor) for a reliable regression analysis. However, Tabachnick and Fidell (2013, 

cited in Pallant, 2020) recommend using the formula N > 50+8m (where m is the number of independent 

variables). Using this formula with six independent variables, the required sample size would be 98 

observations (50 + 8 * 6). The formula that yields the largest sample size will be applied to ensure 

robustness, thus necessitating a minimum of 98 observations for this research. 

The second condition involves addressing outliers, which are observations that significantly deviate from 

other data points (Sekaran & Bougie, 2017). Outliers do not always indicate an error in the data; they can 

represent unusual cases referred to as 'influential cases' (Pallant, 2020). The influential cases can unduly 

influence the regression results as the regression analysis is susceptible to extreme scores (Pallant, 2020). 

Therefore, it is essential to manage outliers appropriately. Outlying scores can either be deleted or adjusted 

by assigning a value that is high but not excessively different from the other scores (Pallant, 2020). To 

ensure that the regression analysis is not adversely affected by outliers, they will be detected during the 

data preparation stage, after which appropriate actions will be taken to address them. 

The third condition for regression analysis pertains to various aspects of the distribution of the data (Pallant, 

2020). Firstly, the data should approximate a normal distribution (Pallant, 2020). This can be verified 

through descriptive statistics and the curves on the histograms of each variable. When there are no extreme 

values and the curve appears normal, it can be established that the data is approximately normally 

distributed (Pallant, 2020). Secondly, the relationship between variables should be linear (Pallant, 2020). 

This can be examined using scatterplots. Scatterplots help explore relationships between variables as they 
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can indicate whether the variables exhibit a linear (straight-line) relationship or a curvilinear pattern 

(Pallant, 2020). Lastly, the assumption of homoscedasticity will be evaluated. Homoscedasticity refers to 

the assumption that the variance of the residuals is constant across all levels of the independent variables 

(Pallant, 2020). This assumption can be checked by examining the residual plots, where the residuals are 

plotted against the predicted values or the independent variables. In these plots, a constant spread of 

residuals indicates homoscedasticity, while a pattern or changing spread indicates heteroscedasticity. All 

three of these requirements will be checked during the data preparation stage of the study. 

The fourth condition that must be met before conducting a regression analysis is the absence of 

multicollinearity. Multicollinearity occurs when two or more independent variables are highly correlated 

(Sekaran & Bougie, 2017). This can decrease the precision of the regression coefficients and potentially 

invalidate the regression model (Nunan et al., 2020). To identify multicollinearity, a correlation matrix will 

be constructed using SPSS. Multicollinearity is typically indicated when independent variables are strongly 

correlated, with a Pearson correlation coefficient of 0.7 or higher (Pallant, 2020; Sekaran & Bougie, 2017). 

If all these conditions are satisfactorily met, the regression analyses can proceed confidently, ensuring the 

validity and reliability of the results. The general regression equation is as follows: 

𝑌 =  𝛼 + 𝛽1 ∗ 𝑋1 + 𝛽2 ∗ 𝑋2 + ⋯ + 𝛽𝑛 ∗ 𝑋𝑛 + 𝜀 

𝑌 = dependent variable 

𝛼 = intercept 

𝛽𝑖 = coefficient parameters 

𝑋𝑖 = independent variable 

𝑛 = number of variables 

𝜀 = error term 

Based on the conceptual model, this study involves three dependent variables: blame attribution towards 

the SMI, blame attribution towards the service provider, and overall satisfaction with the service provider. 

Consequently, three regression analyses will be performed. 

The first regression analysis will test whether the strength of the relationship between an SMI and their 

followers, along with the perceived trustworthiness of the SMI, has a causal effect on the blame attribution 

towards the SMI. Additionally, service failure severity is included in this model to account for its known 

impact on blame attribution. In this regression model, blame attribution towards the SMI is the dependent 

variable, while relationship strength, perceived trustworthiness, and service failure severity are the 

independent variables. 

First equation: 

𝐵𝑙𝑎𝑚𝑒 𝑎𝑡𝑡𝑟𝑖𝑏𝑢𝑡𝑖𝑜𝑛 𝑆𝑀𝐼

=  𝛼 + 𝛽1 ∗ (𝑟𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝 𝑠𝑡𝑟𝑒𝑛𝑔𝑡ℎ) + 𝛽2 ∗ (𝑡𝑟𝑢𝑠𝑡𝑤𝑜𝑟𝑡ℎ𝑖𝑛𝑒𝑠𝑠) + 𝛽3 ∗ (𝑠𝑒𝑟𝑣𝑖𝑐𝑒 𝑓𝑎𝑖𝑙𝑢𝑟𝑒 𝑠𝑒𝑣𝑒𝑟𝑖𝑡𝑦) + 𝜀 

The second regression analysis will test whether the strength of the relationship between an SMI and their 

followers, along with the perceived trustworthiness of the SMI, has a causal effect on the blame attribution 

towards the service provider. Additionally, service failure severity is included in this model to account for 

its known impact on blame attribution. In this regression model, blame attribution towards the service 

provider is the dependent variable, while relationship strength, perceived trustworthiness, and service 

failure severity are the independent variables. 
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Second equation: 

𝐵𝑙𝑎𝑚𝑒 𝑎𝑡𝑡𝑟𝑖𝑏𝑢𝑡𝑖𝑜𝑛 𝑠𝑒𝑟𝑣𝑖𝑐𝑒 𝑝𝑟𝑜𝑣𝑖𝑑𝑒𝑟

=  𝛼 + 𝛽1 ∗ (𝑟𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝 𝑠𝑡𝑟𝑒𝑛𝑔𝑡ℎ) + 𝛽2 ∗ (𝑡𝑟𝑢𝑠𝑡𝑤𝑜𝑟𝑡ℎ𝑖𝑛𝑒𝑠𝑠) + 𝛽3 ∗ (𝑠𝑒𝑟𝑣𝑖𝑐𝑒 𝑓𝑎𝑖𝑙𝑢𝑟𝑒 𝑠𝑒𝑣𝑒𝑟𝑖𝑡𝑦) + 𝜀 

The third regression analysis will test whether blame attribution has a causal effect on the overall 

satisfaction with the service provider. Additionally, service failure severity and service quality are included 

in this model to account for its known impact on overall satisfaction. In this regression model, overall 

satisfaction is the dependent variable, while blame attribution towards the SMI, blame attribution towards 

the service provider, service failure severity, and service quality are the independent variables. 

Third equation: 

𝑂𝑣𝑒𝑟𝑎𝑙𝑙 𝑠𝑎𝑡𝑖𝑠𝑓𝑎𝑐𝑡𝑖𝑜𝑛

=  𝛼 + 𝛽1 ∗ (𝑏𝑙𝑎𝑚𝑒 𝑎𝑡𝑡𝑟𝑖𝑏𝑢𝑡𝑖𝑜𝑛 𝑆𝑀𝐼) + 𝛽2 ∗ (𝑏𝑙𝑎𝑚𝑒 𝑎𝑡𝑡𝑟𝑖𝑏𝑢𝑡𝑖𝑜𝑛 𝑠𝑒𝑟𝑣𝑖𝑐𝑒 𝑝𝑟𝑜𝑣𝑖𝑑𝑒𝑟) + 𝛽3

∗ (𝑠𝑒𝑟𝑣𝑖𝑐𝑒 𝑓𝑎𝑖𝑙𝑢𝑟𝑒 𝑠𝑒𝑣𝑒𝑟𝑖𝑡𝑦) + 𝛽4 ∗ (𝑠𝑒𝑟𝑣𝑖𝑐𝑒 𝑞𝑢𝑎𝑙𝑖𝑡𝑦) +  𝜀 

These regression models will be tested during the data analysis phase to evaluate the proposed hypotheses 

and understand the relationships between the variables in this study. 

3.4 Data Preparation 

3.4.1 Sample 

A total of 572 participants started the survey. However, not all responses could be used for data analysis 

for various reasons. The data cleaning process involved several steps to ensure the integrity and quality of 

the data: 

• Consent: Participants were asked to consent to have their data used in the research at the beginning 

of the survey. Nine participants did not give permission and were thus excluded from the analysis. 

This reduced the number of usable responses to 563. 

• Selection criteria: Participants were then asked if they had experienced a service failure after 

following an SMI's recommendation. Participants who did not meet these selection criteria were also 

excluded. This step reduced the number of usable responses to 347. 

• Completion rate: Only fully completed surveys are considered for analysis to ensure that all necessary 

data points are available for a comprehensive and accurate analysis. This further reduced the number 

of usable responses to 269. 

• Nonsense data: This involved examining the descriptions of the service failure experiences that 

participants were asked to write down in the questionnaire, analysing the response duration to 

identify unusually fast completions indicative of a lack of thoughtful engagement, and looking for 

patterns in the responses, such as consistently choosing the same answer for all questions. This step 

further reduced the number of usable responses to 215. 

• Outliers: SPSS was used to detect multivariate outliers in the data, employing the Mahalanobis 

distance test and scatterplots. This analysis was conducted after completing the factor analyses. For 

the first regression model (dependent variable: blame attribution towards the SMI), the Mahalanobis 

distance test showed no data record exceeded the critical value of 16.27 for three independent 

variables (Pallant, 2020). Standardised residuals were also examined, with values greater than 3.3 

or less than -3.3 considered indicative of outliers (Pallant, 2020). This analysis further corroborated 
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that there were no outliers for this regression model. The same methodology was applied to the 

regression models for blame attribution towards the service provider and overall satisfaction with the 

service provider (critical value of 18.47 because of four independent variables). Both analyses 

confirmed the absence of outliers. As a result, the number of usable responses remains 215. Please 

refer to Appendix C for the SPSS outputs for the outlier detection tests. 

After thorough data cleaning, the final sample comprises 215 usable responses, exceeding the minimum 

requirement of 98 respondents for regression analysis. The absence of outliers was also confirmed, fulfilling 

another prerequisite for regression analysis. To provide context for the analysis, a brief overview of the 

demographic characteristics, specifically the gender and age distribution of the participants, is presented 

below. For the complete table of demographic frequencies, please refer to Appendix D. 

There was a high percentage of female respondents to the survey, at 67.4%. This could be partially 

attributed to the slightly higher number of female social media users (Ceci, 2024; Dixon, 2024). However, 

it is more likely a result of convenience sampling, as the researcher is female, and her network likely 

consists of more female than male potential respondents. While this imbalance does not directly impact the 

variables analysed, as demographics are not used in the analysis, it could potentially affect the 

generalisability of the study's findings to the broader population. Therefore, the gender distribution is noted 

as a limitation of the study. 

The sample aligns closely with expectations regarding age distribution. The largest age category among 

respondents is 18 to 25 years old, comprising 53.5% of the sample. The second largest category is 26 to 

35 years old, at 33.0%. In total, 94.4% of respondents were below 45 years old, which aligns with 

demographic trends indicating that buying decisions influenced by SMIs predominantly involve Generation 

Z and Millennial consumers (Chevalier, 2023). Notably, the researcher is 26 years old, which might have 

influenced the sample composition through convenience sampling. Despite this, the age demographic 

appears to be representative of the target population. 

  

Figure 2: Gender Figure 3: Age 

3.4.2 Reliability 

Before proceeding with the data analysis, it is essential to establish the reliability of the measurement 

scales used in the questionnaire. Reliability testing ensures that the items within each scale consistently 

measure the intended variable and produce stable results across different administrations. Given the cross-

sectional design of this study, temporal stability cannot be assessed as data was collected at a single point 

in time. However, internal consistency can be evaluated. Internal consistency reflects the extent to which 

items on a scale measure the same underlying attribute (Pallant, 2020). Cronbach's alpha will be employed 
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to assess the internal consistency of the scales. A Cronbach's alpha value of 0.7 or higher is generally 

considered acceptable, indicating that the scale items reliably measure the same underlying construct 

(Pallant, 2020). 

The relationship strength was measured on a nine-item scale, yielding a Cronbach's alpha of 0.888. The 

perceived trustworthiness was measured on a four-item scale with a Cronbach's alpha of 0.823. The blame 

attribution towards the SMI and towards the service provider were measured on three-item scales, with 

Cronbach's alphas of 0.867 and 0.903, respectively. The service failure severity was measured on a four-

item scale, producing a Cronbach's alpha of 0.877, and the service quality was measured on a seven-item 

scale with a Cronbach's alpha of 0.878. These results indicate that all the multi-item scales used in the 

study are reliable. The overall satisfaction with the service provider was measured on a single-item scale, 

so internal consistency does not apply to this variable. Please refer to Appendix E for the SPSS output. 

3.4.3 Factor Analysis 

Factor analysis is employed in this study to condense multiple questionnaire items measuring variables into 

a more manageable amount of factors. Six factor analyses were conducted to streamline the measurement 

of relationship strength (9 items), perceived trustworthiness (4 items), blame attribution towards SMI (3 

items), blame attribution towards service provider (3 items), service failure severity (4 items), and service 

quality (7 items). An exploratory factor analysis approach was utilised for each variable. 

The first factor analysis focused on the variable relationship strength. Initially, the factorability of the data 

was assessed using Bartlett's Test of Sphericity and the Kaiser-Meyer-Olkin (KMO) Measure of Sampling 

Adequacy. The outcome of Bartlett's Test of Sphericity should be significant; thus, a p-value of 0.05 or 

lower and the KMO value should be higher than 0.6 for the data to be considered factorable (Pallant, 2020). 

For the factor analysis of relationship strength, the p-value for Bartlett's Test of Sphericity is less than 

0.001, and the KMO value is 0.871, indicating that the data is suitable for factor analysis. Next, eigenvalues 

were examined to determine the number of factors to retain. According to Kaiser's criterion, an eigenvalue 

greater than one is acceptable (Pallant, 2020). The eigenvalue for one factor showed 4.760, meeting this 

criterion. The scree plot further validated the single factor, which demonstrated a clear break after one 

factor, and the number of factors above the elbow should be retained (Catell, 1966, cited in Pallant, 2020). 

Subsequently, the nine items measuring relationship strength were averaged using the compute variable 

function in SPSS to create a single composite variable. This computed variable will be used in subsequent 

analyses instead of the individual questionnaire items. 

The factor analyses for the remaining variables (perceived trustworthiness, blame attribution towards SMI, 

blame attribution towards service provider, service failure severity, and service quality) were performed 

using the same methodology. Each analysis confirmed the data's factorability and the appropriateness of a 

single-factor representation for each variable. Detailed SPSS outputs for these analyses can be found in 

Appendix F. 

3.4.4 Descriptive Statistics and Distribution of the Data 

This research comprises seven variables: relationship strength, perceived trustworthiness, blame 

attribution towards the SMI, blame attribution towards the service provider, overall satisfaction, service 

failure severity, and service quality. See the table below for the summary of the descriptive statistics for 
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these variables. All the variables, except overall satisfaction, are composite variables computed in the factor 

analysis. For detailed descriptive statistics, refer to Appendix G. 

Table 2: Descriptive Statistics 

Variable Minimum Maximum Mean Skewness Kurtosis 

Relationship strength 1.00 6.78 3.4594 +0.299 -0.237 

Perceived trustworthiness 1.00 6.50 4.2907 -0.337 -0.323 

Blame Attribution SMI 1.00 7.00 3.8171 -0.155 -0.500 

Blame Attribution Service Provider 1.00 7.00 5.1023 -0.766 -0.200 

Overall Satisfaction 1.00 7.00 3.20 +0.456 -0.199 

Service Failure Severity 1.00 6.75 3.8512 +0.071 -0.992 

Service Quality 1.00 6.29 3.7329 -0.198 -0.266 

3.4.4.1 Mean 

All the variables in this research are measured on a scale from 1 to 7, where 3.5 is the midpoint. Thus, a 

mean value below 3.5 indicates a tendency towards the negative side, while a mean value above 3.5 

indicates a tendency towards the positive side. 

• Relationship strength: The mean value is 3.4594, suggesting that the relationship strength between 

the SMI and their followers is approximately average. 

• Perceived trustworthiness: The mean value is 4.2907, indicating that most respondents consider the 

SMIs who recommended the service to be trustworthy. 

• Blame attribution SMI: The mean value is 3.8171, showing that respondents attributed slightly more 

than average blame to the SMI when a service they recommended failed to meet expectations. 

• Blame attribution service provider: The mean value is 5.1023, suggesting that more blame was 

directed towards the service provider than towards the SMI. 

• Overall satisfaction: The mean value is 3.20, indicating respondents were slightly dissatisfied with 

the service provider. This is expected, given the focus on service failures, where dissatisfaction is 

expected. 

• Service failure severity: The mean value is 3.8512, indicating that most of the service failures 

measured in this survey were slightly severe. 

• Service quality: The mean value is 3.7329, which is notable since it suggests that despite focusing 

on service failures, the perceived service quality was still slightly above average. However, it is 

essential to note that adequate service quality is insufficient to drive strong repurchase intentions. 

Research indicates that willingness to repurchase increases at a steep rate when service quality 

ratings improve from fair to good (Zeithaml et al., 1996). Thus, service organisations should aim to 

offer service quality on the higher end of the scale. 

This analysis of the mean values provides a clear picture of how respondents perceived each variable, 

highlighting areas where perceptions are more positive or negative. 

3.4.4.2 Distribution 

Understanding whether the data is normally distributed is crucial for conducting a regression analysis, as 

this test assumes normality to provide valid results. Tabachnick and Fidell (2013, cited in Pallant, 2020) 
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suggest examining the shape of the histograms to assess whether the data follows a normal distribution. 

In this study, most of the histograms visually appear to meet the criteria for normal distribution (see 

Appendix H for histograms). However, the histogram for the variable blame attribution towards the service 

provider shows significant skewness, and the histogram for the variable service quality appears very 

leptokurtic. Therefore, the skewness and kurtosis values will be examined to assess the data's normality 

more accurately. 

3.4.4.3 Skewness 

Skewness indicates the asymmetry of the distribution of data points within a dataset (Pallant, 2020). A 

skewness value of zero represents a perfectly symmetrical distribution (Meyers et al., 2013). Positive 

skewness, or a right-skewed distribution, indicates that data points are clustered towards lower values, 

creating a tail that extends to the right (Meyers et al., 2013). Conversely, negative skewness, or a left-

skewed distribution, indicates that data points are clustered towards higher values, with the tail extending 

to the left (Meyers et al., 2013). 

In this research, three variables are right-skewed: relationship strength, overall satisfaction, and service 

failure severity. This indicates that the scores are clustered on the scale's lower side for these variables, 

corresponding to a mean value lower than 3.5. The other four variables — perceived trustworthiness, blame 

attribution towards the SMI, blame attribution towards the service provider, and service quality — are left-

skewed, with scores clustered on the higher end of the scale and tails on the lower end. 

The variable with the least skewness is service failure severity (+0.071), suggesting it most closely 

represents a normal distribution with scores clustered around the scale's midpoint. The variable with the 

most skewness is blame attribution towards the service provider (-0.766), indicating the presence of many 

extreme values. Given the negative skewness, these extreme values are on the higher side of the scale. 

This high skewness value was already anticipated after inspecting the histogram, which showed a high 

frequency of high scores. Despite this, the skewness value for blame attribution towards the service 

provider is still within the range of -1 to +1, indicating that the variables are relatively symmetrically 

distributed (Meyers et al., 2013). 

3.4.4.4 Kurtosis 

Kurtosis measures a distribution's 'peakedness' or 'flatness' relative to a normal distribution (Pallant, 2020). 

A positive kurtosis value, known as leptokurtosis, suggests a distribution that is more peaked in the centre 

with long, thin tails (Meyers et al., 2013). This indicates that most participants provided similar responses, 

resulting in scores clustered around the mean. In contrast, a negative kurtosis value, referred to as 

platykurtosis, indicates a flatter distribution with more values in the extremes (Meyers et al., 2013). This 

suggests that participants had diverse answers, resulting in widely distributed scores. 

All seven variables exhibit negative kurtosis values in this research, indicating heavier tails than the normal 

distribution. Among these variables, overall satisfaction with the service provider has the least kurtosis (-

0.199), suggesting a more balanced distribution of data points around the mean. On the other hand, service 

failure severity exhibits the highest kurtosis (-0.992), indicating the most pronounced deviation from 

normal distribution characteristics. Despite this, all kurtosis values fall within the acceptable range of -1 to 

+1, indicating distributions within the normality realm (Meyers et al., 2013). None of the variables' kurtosis 

values indicates distributions that are overly peaked or too spread out. 
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After inspecting the histograms, it was anticipated that the variable service quality would also have a high 

kurtosis value. However, this variable shows a moderate kurtosis value (-0.266), indicating it is slightly 

platykurtic rather than the expected leptokurtic. The high frequency at central values (3.86 and 4.0) created 

a misleading visual impression of leptokurtosis due to clustering effects at these points. Despite this central 

peak, the overall distribution has a broader spread with less pronounced tails, resulting in a negative 

kurtosis value. 

Since all skewness and kurtosis values fall within the acceptable range of -1 to +1, the data is approximately 

normally distributed. 

3.4.4.5 Relationship 

Scatterplots were constructed for each regression model to examine the nature of the relationships between 

variables. This step is crucial before conducting regression analyses, as it aims to determine whether the 

relationships exhibit a linear trend. The scatterplots plot the residuals against the dependent variable, 

allowing for an investigation into the form of the relationship. These scatterplots can be found in Appendix 

I. Across all models assessed, the scatterplots consistently displayed linear patterns, suggesting that linear 

regression was appropriate for this dataset. 

3.4.4.6 Homoscedasticity 

A residual plot was constructed (see Appendix J) to evaluate if the variance of the residuals is constant 

across all levels of the independent variables (i.e. if the data is homoscedastic). The residual plots for the 

first and second regression models show a random pattern, confirming homoscedasticity. However, the 

residual plot for the third regression model, where the dependent variable is overall satisfaction, displays 

a diamond shape. This pattern suggests potential heteroscedasticity in this model. The Breusch-Pagan and 

White tests were conducted to investigate further, confirming the presence of heteroscedasticity (see 

Appendix J for SPSS output). This condition can impact the regression analysis, as the inappropriate use of 

the ordinary least squares method can lead to a loss of precision (Nascimento et al., 2010). In such cases, 

the weighted least squares method should be employed to correct for heteroscedasticity (Nascimento et 

al., 2010). 

3.4.5 Correlation 

To assess the relationships between variables, a bivariate correlation matrix was constructed to display the 

Pearson correlation coefficient. This coefficient ranges from -1 to +1, where -1 indicates a perfect negative 

correlation, +1 indicates a perfect positive correlation, and 0 indicates no relationship (McCormick et al., 

2015). While the correlation coefficient provides information about the strength and direction of the 

relationship between variables, it does not imply causality (Pallant, 2020). A condensed version of the 

correlation table is presented below, with the complete correlation matrix available in Appendix K. 
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Table 3: Correlation Matrix 

 Relation Trustwor Bla SMI Bla serv Satisfac Severity Quality 

 Relationship Strength 1 0.522** -0.174* 0.182** -0.020 0.130 -0.040 

 Trustworthiness  1 -0.319** 0.060 0.110 -0.011 0.055 

 Blame attribution SMI   1 -0.078 -0.005 0.304** 0.125 

 Blame attribution service    1 -0.598** 0.335** -0.454** 

 Satisfaction     1 -0.293** 0.667** 

 Service failure severity      1 -0.227** 

 Service quality       1 

 * significant at 95% confidence level 

 ** significant at 99% confidence level 

The correlation matrix was analysed to rule out multicollinearity, which can be a concern when variables 

have a correlation coefficient of 0.7 or above (Pallant, 2020). It is particularly important to examine the 

correlations between independent variables within the same regression model. In the first and second 

regression models, which share the same independent variables, the highest correlation is between 

relationship strength and perceived trustworthiness (0.522). For the third regression model, the highest 

correlation is between blame attribution towards the service provider and service quality (-0.454). Since 

none of the correlations among the independent variables exceeds 0.7, multicollinearity is not a concern 

for this dataset, allowing the regression analysis to proceed. 
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4. HYPOTHESIS TESTING 

After completing the data cleaning and validation processes, the final sample consists of 215 usable 

responses. The data preparation steps have ensured the integrity and quality of the dataset, with all 

potential outliers addressed. The reliability of the measurement scales has been confirmed, and factor 

analyses have consolidated the questionnaire items into coherent factors. Descriptive statistics and 

distribution analyses indicate that the data is approximately normally distributed, and the relationships 

between variables have been examined through scatterplots, confirming the suitability of linear regression. 

Additionally, homoscedasticity has been assessed, and necessary adjustments have been identified. The 

correlation matrix analysis has ruled out multicollinearity, affirming the appropriateness of the regression 

models. With all assumptions verified, the dataset is now ready for hypothesis testing. 

4.1 Data Analysis 

4.1.1 Blame Attribution Social Media Influencer 

The first regression analysis aims to test whether the strength of the relationship between an SMI and their 

followers, along with the perceived trustworthiness of the SMI, has a causal effect on the blame attribution 

towards the SMI. Service failure severity is included in this model to account for its known impact on blame 

attribution. In this regression model, blame attribution towards the SMI is the dependent variable, while 

relationship strength, perceived trustworthiness, and service failure severity are the independent variables. 

R-squared is a statistic that indicates the proportion of variance in the dependent variable accounted for by 

the independent variables in the regression model (Pallant, 2020). The value of R-squared ranges from 0 

to 1, with higher values signifying a greater proportion of explained variance. To avoid overestimating the 

impact of multiple independent variables on the explained variability, Anderson et al. (2019) recommend 

using the adjusted R-squared. Pallant (2020) also notes that in smaller samples, the R-squared value may 

overestimate the population value. The adjusted R-squared offers a more accurate estimate of the true 

population value (Pallant, 2020). For the first regression, the adjusted R-squared is 0.184 (see Appendix 

L), indicating that the model explains 18.4% of the variance in blame attribution towards the SMI. 

The ANOVA table (Appendix L) indicates a p-value of less than 0.001 and an F-value exceeding the critical 

value of 3.8758. This is based on 3 degrees of freedom for the numerator (the number of independent 

variables) and 211 degrees of freedom for the denominator (the number of observations minus the number 

of independent variables minus 1) at a 99% confidence level (Anderson et al., 2019). The significance of 

the F-value suggests that at least one regression coefficient differs from zero, implying that the independent 

variables collectively improve the model's fit (Anderson et al., 2019). Therefore, the sample data provides 

adequate evidence that the regression model fits the data better than a model without independent 

variables. 
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Table 4: Regression Model 1 

 Standardised coefficient 𝛽 P-value (2-tailed) 

Constant 4.367 < 0.001 

Relationship strength -0.068 0.356 

Perceived trustworthiness -0.281 < 0.001 

Service failure severity 0.310 < 0.001 

The coefficients in the regression table and the standard error of the estimate from the model summary 

(Appendix L) provide the basis for constructing the following regression equation: 

𝐵𝑙𝑎𝑚𝑒 𝑎𝑡𝑡𝑟𝑖𝑏𝑢𝑡𝑖𝑜𝑛 𝑆𝑀𝐼

=  4.367 + (−0.068) ∗ (𝑟𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝 𝑠𝑡𝑟𝑒𝑛𝑔𝑡ℎ) + (−0.281) ∗ (𝑡𝑟𝑢𝑠𝑡𝑤𝑜𝑟𝑡ℎ𝑖𝑛𝑒𝑠𝑠) + 0.310

∗ (𝑠𝑒𝑟𝑣𝑖𝑐𝑒 𝑓𝑎𝑖𝑙𝑢𝑟𝑒 𝑠𝑒𝑣𝑒𝑟𝑖𝑡𝑦) + 1.27867 

The regression table indicates that the relationship strength does not significantly affect the attribution of 

blame towards the SMI. A possible explanation for the lack of significant support could be the moderate 

correlation between relationship strength and perceived trustworthiness, which was observed to be 0.522. 

This means that these two factors are somewhat related, which might cause overlapping effects. Although 

the correlation is not high enough to indicate multicollinearity, it could still mean that the unique impact of 

relationship strength on blame attribution is mixed with the effects of perceived trustworthiness. This 

overlap might make it harder to see the relationship strength's specific effect in the regression analysis. 

Therefore, the relationship between strength and trustworthiness could have influenced the results, making 

it difficult to find a significant causal effect for relationship strength alone. Therefore, a second regression 

analysis was conducted to test whether relationship strength would significantly affect the blame attribution 

if the perceived trustworthiness were omitted from the regression model. 

The adjusted R-squared indicates that the regression equation can explain 13.1% of the variance in blame 

attribution towards the SMI. The ANOVA table reveals a p-value of less than 0.001 and an F-value 

surpassing the critical value of 4.7067 (with 2 degrees of freedom for the numerator, 212 degrees of 

freedom for the denominator, and a 99% confidence level). These results suggest that the sample data 

provides significant evidence that the regression model fits the data better than a model without 

independent variables, demonstrating that the independent variables enhance the model's fit. For detailed 

statistical outputs, please refer to Appendix L. 

Table 5: Regression Model 1 – Relationship Strength 

 Standardised coefficient 𝛽 P-value (2-tailed) 

Constant 3.454 < 0.001 

Relationship strength -0.217 < 0.001 

Service failure severity 0.333 < 0.001 

The coefficients in the regression table and the standard error of the estimate from the model summary 

(Appendix L) provide the basis for constructing the following regression equation: 

𝐵𝑙𝑎𝑚𝑒 𝑎𝑡𝑡𝑟𝑖𝑏𝑢𝑡𝑖𝑜𝑛 𝑆𝑀𝐼 =  3.454 + (−0.217) ∗ (𝑟𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝 𝑠𝑡𝑟𝑒𝑛𝑔𝑡ℎ) + 0.333 ∗ (𝑠𝑒𝑟𝑣𝑖𝑐𝑒 𝑓𝑎𝑖𝑙𝑢𝑟𝑒 𝑠𝑒𝑣𝑒𝑟𝑖𝑡𝑦) + 1.31998 

Additionally, a supplementary regression analysis was conducted to test whether the strength of the 

relationship between an SMI and their followers and the perceived trustworthiness of the SMI have a 

moderating effect on the relationship between service failure severity and blame attribution towards the 

SMI. In this regression model, blame attribution towards the SMI is the dependent variable, service failure 
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severity is the independent variable, and relationship strength and perceived trustworthiness are the 

moderating variables. New variables, called 'interaction terms,' were created for these moderating variables 

by multiplying each with the service failure severity variable. 

The adjusted R-squared indicates that the regression equation can explain 17.0% of the variance in blame 

attribution towards the SMI. The ANOVA table reveals a p-value of less than 0.001 and an F-value 

surpassing the critical value of 3.8758 (with 3 degrees of freedom for the numerator, 211 degrees of 

freedom for the denominator, and a 99% confidence level). These results suggest that the sample data 

provides significant evidence that the regression model fits the data better than a model without 

independent variables, demonstrating that the independent variables enhance the model's fit. For detailed 

statistical outputs, please refer to Appendix L. 

Table 6: Regression Model 1 – Interaction Terms 

 Standardised coefficient 𝛽 P-value (2-tailed) 

Constant 2.581 < 0.001 

Service failure severity 0.689 < 0.001 

Service failure severity * Relationship -0.084 0.474 

Service failure severity * Trustworthiness -0.415 < 0.001 

The coefficients in the regression table and the standard error of the estimate from the model summary 

(Appendix L) provide the basis for constructing the following regression equation: 

𝐵𝑙𝑎𝑚𝑒 𝑎𝑡𝑡𝑟𝑖𝑏𝑢𝑡𝑖𝑜𝑛 𝑆𝑀𝐼

=  2.581 + 0.689 ∗ (𝑠𝑒𝑟𝑣𝑖𝑐𝑒 𝑓𝑎𝑖𝑙𝑢𝑟𝑒 𝑠𝑒𝑣𝑒𝑟𝑖𝑡𝑦) + (−0.084)

∗ (𝑠𝑒𝑟𝑣𝑖𝑐𝑒 𝑓𝑎𝑖𝑙𝑢𝑟𝑒 𝑠𝑒𝑣𝑒𝑟𝑖𝑡𝑦 ∗ 𝑟𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝 𝑠𝑡𝑟𝑒𝑛𝑔𝑡ℎ) + (−0.415)

∗ (𝑡𝑠𝑒𝑟𝑣𝑖𝑐𝑒 𝑓𝑎𝑖𝑙𝑢𝑟𝑒 𝑠𝑒𝑣𝑒𝑟𝑖𝑡𝑦 ∗ 𝑟𝑢𝑠𝑡𝑤𝑜𝑟𝑡ℎ𝑖𝑛𝑒𝑠𝑠) + 1.29031 

4.1.2 Blame Attribution Service Provider 

The second regression analysis aims to test whether the strength of the relationship between an SMI and 

their followers, along with the perceived trustworthiness of the SMI, has a causal effect on the blame 

attribution towards the service provider. Service failure severity is included in this model to account for its 

known impact on blame attribution. In this regression model, blame attribution towards the service provider 

is the dependent variable, while relationship strength, perceived trustworthiness, and service failure 

severity are the independent variables. 

The adjusted R-squared indicates that the regression equation can explain 11.9% of the variance in blame 

attribution towards the service provider. The ANOVA table reveals a p-value of less than 0.001 and an F-

value surpassing the critical value of 3.8758 (with 3 degrees of freedom for the numerator, 211 degrees of 

freedom for the denominator, and a 99% confidence level). These results suggest that the sample data 

provides significant evidence that the regression model fits the data better than a model without 

independent variables, demonstrating that the independent variables enhance the model's fit. For detailed 

statistical outputs, please refer to Appendix M. 
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Table 7: Regression Model 2 

 Standardised coefficient 𝛽 P-value (2-tailed) 

Constant 3.119 < 0.001 

Relationship strength 0.149 0.052 

Perceived trustworthiness -0.015 0.845 

Service failure severity 0.315 < 0.001 

The coefficients listed in the regression table and the standard error of the estimate from the model 

summary (Appendix M) are used to formulate the following regression equation: 

𝐵𝑙𝑎𝑚𝑒 𝑎𝑡𝑡𝑟𝑖𝑏𝑢𝑡𝑖𝑜𝑛 𝑠𝑒𝑟𝑣𝑖𝑐𝑒 𝑝𝑟𝑜𝑣𝑖𝑑𝑒𝑟

=  3.119 + 0.149 ∗ (𝑟𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝 𝑠𝑡𝑟𝑒𝑛𝑔𝑡ℎ) + (−0.015) ∗ (𝑡𝑟𝑢𝑠𝑡𝑤𝑜𝑟𝑡ℎ𝑖𝑛𝑒𝑠𝑠) + 0.315

∗ (𝑠𝑒𝑟𝑣𝑖𝑐𝑒 𝑓𝑎𝑖𝑙𝑢𝑟𝑒 𝑠𝑒𝑣𝑒𝑟𝑖𝑡𝑦) + 1.43416 

The regression analysis for relationship strength yielded a p-value of 0.052, which is marginally above the 

conventional threshold of 0.05. Given the proximity to the significance threshold, this result can be 

considered marginally significant. Although it does not meet the strict criteria for statistical significance, 

the p-value suggests that the observed effect is very close to being significant. 

As the regression table indicates, perceived trustworthiness does not significantly affect the blame 

attribution towards the service provider. The correlation (0.522) between the relationship strength and the 

perceived trustworthiness might explain the lack of significant support. Therefore, a second and third 

regression analysis was conducted to test whether the relationship strength (which was only marginally 

significant in the complete model) and the perceived trustworthiness (which was not significant in the 

complete model) would significantly affect the blame attribution if the other variable were left out of the 

regression model. 

For the model with relationship strength, the adjusted R-squared indicates that the regression equation can 

explain 12.3% of the variance in blame attribution towards the SMI. The ANOVA table reveals a p-value of 

less than 0.001 and an F-value surpassing the critical value of 4.7067 (with 2 degrees of freedom for the 

numerator, 212 degrees of freedom for the denominator, and a 99% confidence level). These results 

suggest that the sample data provides significant evidence that the regression model fits the data better 

than a model without independent variables, demonstrating that the independent variables enhance the 

model's fit. For detailed statistical outputs, please refer to Appendix M. 

Table 8: Regression Model 2 – Relationship Strength 

 Standardised coefficient 𝛽 P-value (2-tailed) 

Constant 3.067 < 0.001 

Relationship strength 0.141 0.030 

Service failure severity 0.316 < 0.001 

The coefficients listed in the regression table and the standard error of the estimate from the model 

summary (Appendix M) are used to formulate the following regression equation: 

𝐵𝑙𝑎𝑚𝑒 𝑎𝑡𝑡𝑟𝑖𝑏𝑢𝑡𝑖𝑜𝑛 𝑠𝑒𝑟𝑣𝑖𝑐𝑒 𝑝𝑟𝑜𝑣𝑖𝑑𝑒𝑟

=  3.067 + 0.141 ∗ (𝑟𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝 𝑠𝑡𝑟𝑒𝑛𝑔𝑡ℎ) + 0.316 ∗ (𝑠𝑒𝑟𝑣𝑖𝑐𝑒 𝑓𝑎𝑖𝑙𝑢𝑟𝑒 𝑠𝑒𝑣𝑒𝑟𝑖𝑡𝑦) + 1.43090 

For the model with perceived trustworthiness, the adjusted R-squared indicates that the regression 

equation can explain 10.8% of the variance in blame attribution towards the SMI. The ANOVA table reveals 

a p-value of less than 0.001 and an F-value surpassing the critical value of 4.7067 (with 2 degrees of 
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freedom for the numerator, 212 degrees of freedom for the denominator, and a 99% confidence level). 

These results suggest that the sample data provides significant evidence that the regression model fits the 

data better than a model without independent variables, demonstrating that the independent variables 

enhance the model's fit. For detailed statistical outputs, please refer to Appendix M. 

Table 9: Regression Model 2 – Perceived Trustworthiness 

 Standardised coefficient 𝛽 P-value (2-tailed) 

Constant 3.297 < 0.001 

Perceived trustworthiness 0.063 0.330 

Service failure severity 0.335 < 0.001 

The coefficients listed in the regression table and the standard error of the estimate from the model 

summary (Appendix M) are used to formulate the following regression equation: 

𝐵𝑙𝑎𝑚𝑒 𝑎𝑡𝑡𝑟𝑖𝑏𝑢𝑡𝑖𝑜𝑛 𝑠𝑒𝑟𝑣𝑖𝑐𝑒 𝑝𝑟𝑜𝑣𝑖𝑑𝑒𝑟

=  3.297 + 0.063 ∗ (𝑝𝑒𝑟𝑐𝑒𝑖𝑣𝑒𝑑 𝑡𝑟𝑢𝑠𝑡𝑤𝑜𝑟𝑡ℎ𝑖𝑛𝑒𝑠𝑠) + 0.335 ∗ (𝑠𝑒𝑟𝑣𝑖𝑐𝑒 𝑓𝑎𝑖𝑙𝑢𝑟𝑒 𝑠𝑒𝑣𝑒𝑟𝑖𝑡𝑦) + 1.44363 

Additionally, a supplementary regression analysis was conducted to test whether the strength of the 

relationship between an SMI and their followers, as well as the perceived trustworthiness of the SMI, have 

a moderating effect on the relationship between service failure severity and blame attribution towards the 

service provider. In this regression model, blame attribution towards the service provider is the dependent 

variable, service failure severity is the independent variable, and relationship strength and perceived 

trustworthiness are the moderating variables, with the interaction terms previously created used for these 

variables. 

The adjusted R-squared indicates that the regression equation can explain 11.4% of the variance in blame 

attribution towards the service provider. The ANOVA table reveals a p-value of less than 0.001 and an F-

value surpassing the critical value of 3.8758 (with 3 degrees of freedom for the numerator, 211 degrees of 

freedom for the denominator, and a 99% confidence level). These results suggest that the sample data 

provides significant evidence that the regression model fits the data better than a model without 

independent variables, demonstrating that the independent variables enhance the model's fit. For detailed 

statistical outputs, please refer to Appendix M. 

Table 10: Regression Model 2 – Interaction Terms 

 Standardised coefficient 𝛽 P-value (2-tailed) 

Constant 3.738 < 0.001 

Service failure severity 0.209 0.053 

Service failure severity * Relationship 0.201 0.097 

Service failure severity * Trustworthiness -0.033 0.791 

The coefficients listed in the regression table and the standard error of the estimate from the model 

summary (Appendix M) are used to formulate the following regression equation: 

𝐵𝑙𝑎𝑚𝑒 𝑎𝑡𝑡𝑟𝑖𝑏𝑢𝑡𝑖𝑜𝑛 𝑠𝑒𝑟𝑣𝑖𝑐𝑒 𝑝𝑟𝑜𝑣𝑖𝑑𝑒𝑟

=  3.728 + 0.209 ∗ (𝑠𝑒𝑟𝑣𝑖𝑐𝑒 𝑓𝑎𝑖𝑙𝑢𝑟𝑒 𝑠𝑒𝑣𝑒𝑟𝑖𝑡𝑦) + 0.201

∗ (𝑠𝑒𝑟𝑣𝑖𝑐𝑒 𝑓𝑎𝑖𝑙𝑢𝑟𝑒 𝑠𝑒𝑣𝑒𝑟𝑖𝑡𝑦 ∗ 𝑟𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝 𝑠𝑡𝑟𝑒𝑛𝑔𝑡ℎ) + (−0.033)

∗ (𝑡𝑠𝑒𝑟𝑣𝑖𝑐𝑒 𝑓𝑎𝑖𝑙𝑢𝑟𝑒 𝑠𝑒𝑣𝑒𝑟𝑖𝑡𝑦 ∗ 𝑟𝑢𝑠𝑡𝑤𝑜𝑟𝑡ℎ𝑖𝑛𝑒𝑠𝑠) + 1.43830 

The regression analysis for service failure severity yielded a p-value of 0.053, which is marginally above 

the conventional threshold of 0.05. Given the close proximity to the significance threshold, this result can 
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be considered marginally significant. Although it does not meet the strict criteria for statistical significance, 

the p-value suggests that the observed effect is very close to being significant. 

4.1.3 Overall Satisfaction 

The third regression analysis examines whether blame attribution has a causal effect on overall satisfaction 

with the service provider. Service failure severity and service quality are included in this model to control 

for their known impacts on overall satisfaction. In this regression model, overall satisfaction with the service 

provider is designated as the dependent variable, while blame attribution towards the SMI, blame 

attribution towards the service provider, service failure severity, and service quality are independent 

variables. 

Given the detection of heteroscedasticity during data preparation, a weighted least squares regression 

approach will be employed instead of ordinary least squares regression. The absolute values of the 

unstandardised residuals from an initial ordinary least squares regression analysis were first computed to 

establish weights. Subsequently, an auxiliary regression utilised these absolute residuals as the dependent 

variable, from which weights were calculated as the inverse of the squared predicted values. 

The adjusted R-squared indicates that the regression equation explains 64.3% of the variance in overall 

satisfaction with the service provider. The ANOVA table reveals a p-value of less than 0.001 and an F-value 

exceeding the critical value of 3.4097 (with 4 degrees of freedom for the numerator, 210 degrees of freedom 

for the denominator, and a 99% confidence level). These results demonstrate that the sample data supports 

the conclusion that the regression model fits the data better than a model without independent variables, 

indicating that the independent variables significantly improve the model's fit. For detailed statistical 

outputs, please refer to Appendix N. 

Table 11: Regression Model 3.1 

 Standardised coefficient 𝛽 P-value (2-tailed) 

Constant 2.814 < 0.001 

Blame attribution towards SMI -0.084 0.047 

Blame attribution towards service provider -0.308 < 0.001 

Service failure severity -0.064 0.176 

Service quality 0.569 < 0.001 

The coefficients presented in the regression table, along with the standard error of the estimate from the 

model summary (Appendix N), serve as the foundation for developing the following regression equation: 

𝑂𝑣𝑒𝑟𝑎𝑙𝑙 𝑠𝑎𝑡𝑖𝑠𝑓𝑎𝑐𝑡𝑖𝑜𝑛

=  2.814 + (−0.084) ∗ (𝑏𝑙𝑎𝑚𝑒 𝑎𝑡𝑡𝑟𝑖𝑏𝑢𝑡𝑖𝑜𝑛 𝑆𝑀𝐼) + (−0.308) ∗ (𝑏𝑙𝑎𝑚𝑒 𝑎𝑡𝑡𝑟𝑖𝑏𝑢𝑡𝑖𝑜𝑛 𝑠𝑒𝑟𝑣𝑖𝑐𝑒 𝑝𝑟𝑜𝑣𝑖𝑑𝑒𝑟)

+ (−0.064) ∗ (𝑠𝑒𝑟𝑣𝑖𝑐𝑒 𝑓𝑎𝑖𝑙𝑢𝑟𝑒 𝑠𝑒𝑣𝑒𝑟𝑖𝑡𝑦) + 0.569 ∗ (𝑠𝑒𝑟𝑣𝑖𝑐𝑒 𝑞𝑢𝑎𝑙𝑖𝑡𝑦) +  1.282 

The variables service failure severity (Hess, 2008; Srivastava & Gosain, 2020; Swanson & Hsu, 2010) and 

service quality (Falk et al., 2010; Shemwell et al., 1998; Zeithaml et al., 1993) were added to this regression 

model to account for their effects on overall satisfaction, as indicated by previous literature. However, the 

regression table revealed that service failure severity does not significantly impact the dependent variable. 

Since service failure severity was not a primary variable under investigation and showed no significant 

impact, a second regression analysis was conducted, excluding this variable. This approach ensures that 
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the model focuses on the primary variables of interest while simplifying the analysis by removing non-

significant variables. 

The adjusted R-squared indicates that the regression equation can explain 64.2% of the variance in blame 

attribution towards the service provider. The ANOVA table reveals a p-value of less than 0.001 and an F-

value surpassing the critical value of 3.8758 (with 3 degrees of freedom for the numerator, 211 degrees of 

freedom for the denominator, and a 99% confidence level). These results suggest that the sample data 

provides significant evidence that the regression model fits the data better than a model without 

independent variables, demonstrating that the independent variables enhance the model's fit. For detailed 

statistical outputs, please refer to Appendix N. 

Table 12: Regression Model 3.2 

 Standardised coefficient 𝛽 P-value (2-tailed) 

Constant 2.640 < 0.001 

Blame attribution towards SMI -0.097 0.020 

Blame attribution towards service provider -0.328 < 0.001 

Service quality 0.584 < 0.001 

The coefficients presented in the regression table, along with the standard error of the estimate from the 

model summary (Appendix N), serve as the foundation for developing the following regression equation: 

𝑂𝑣𝑒𝑟𝑎𝑙𝑙 𝑠𝑎𝑡𝑖𝑠𝑓𝑎𝑐𝑡𝑖𝑜𝑛

=  2.640 + (−0.097) ∗ (𝑏𝑙𝑎𝑚𝑒 𝑎𝑡𝑡𝑟𝑖𝑏𝑢𝑡𝑖𝑜𝑛 𝑆𝑀𝐼) + (−0.328) ∗ (𝑏𝑙𝑎𝑚𝑒 𝑎𝑡𝑡𝑟𝑖𝑏𝑢𝑡𝑖𝑜𝑛 𝑠𝑒𝑟𝑣𝑖𝑐𝑒 𝑝𝑟𝑜𝑣𝑖𝑑𝑒𝑟)

+ 0.584 ∗ (𝑠𝑒𝑟𝑣𝑖𝑐𝑒 𝑞𝑢𝑎𝑙𝑖𝑡𝑦) +  1.285 

A supplementary regression analysis was conducted to test whether blame attribution moderates the 

relationship between service quality and overall satisfaction with the service provider. In this regression 

model, overall satisfaction with the service provider is the dependent variable, service quality is the 

independent variable, and blame attribution towards the SMI and blame attribution towards the service 

provider are the moderating variables. New interaction terms were created for these moderating variables 

by multiplying each with the service quality variable. The weight variable previously computed was utilised 

for this weighted least squares regression. 

The adjusted R-squared indicates that the regression equation can explain 64.9% of the variance in overall 

satisfaction with the service provider. The ANOVA table reveals a p-value of less than 0.001 and an F-value 

surpassing the critical value of 3.8758 (with 3 degrees of freedom for the numerator, 211 degrees of 

freedom for the denominator, and a 99% confidence level). These results suggest that the sample data 

provides significant evidence that the regression model fits the data better than a model without 

independent variables, demonstrating that the independent variables enhance the model's fit. For detailed 

statistical outputs, please refer to Appendix N. 

Table 13: Regression Model 3 – Interaction Terms 

 Standardised coefficient 𝛽 P-value (2-tailed) 

Constant 0.449 0.008 

Service quality 1.093 < 0.001 

Service quality * blame attribution SMI -0.145 0.020 

Service quality * blame attribution service -0.368 < 0.001 



P a g e  | 45 

The coefficients presented in the regression table, along with the standard error of the estimate from the 

model summary (Appendix N), serve as the foundation for developing the following regression equation: 

𝑂𝑣𝑒𝑟𝑎𝑙𝑙 𝑠𝑎𝑡𝑖𝑠𝑓𝑎𝑐𝑡𝑖𝑜𝑛

=  0.449 + 1.093 ∗ (𝑠𝑒𝑟𝑣𝑖𝑐𝑒 𝑞𝑢𝑎𝑙𝑖𝑡𝑦) + (−0.145) ∗ (𝑠𝑒𝑟𝑣𝑖𝑐𝑒 𝑞𝑢𝑎𝑙𝑖𝑡𝑦 ∗ 𝑏𝑙𝑎𝑚𝑒 𝑎𝑡𝑡𝑟𝑖𝑏𝑢𝑡𝑖𝑜𝑛 𝑆𝑀𝐼)

+ (−0.368) ∗ (𝑠𝑒𝑟𝑣𝑖𝑐𝑒 𝑞𝑢𝑎𝑙𝑖𝑡𝑦 ∗ 𝑏𝑙𝑎𝑚𝑒 𝑎𝑡𝑡𝑟𝑖𝑏𝑢𝑡𝑖𝑜𝑛 𝑠𝑒𝑟𝑣𝑖𝑐𝑒 𝑝𝑟𝑜𝑣𝑖𝑑𝑒𝑟) +  1.272 

4.2 Results 

4.2.1 Blame Attribution Social Media Influencer 

H1a: Relationship strength between the customer and the SMI is negatively associated with the 

degree to which blame for service failure is attributed to the SMI. 

H2a: Perceived trustworthiness of the SMI is negatively associated with the degree to which blame 

for service failure is attributed to the SMI. 

The first regression analysis was conducted to test hypotheses H1a and H2a, aiming to determine whether 

a significant relationship exists between the independent variables (relationship strength and perceived 

trustworthiness) and the dependent variable (blame attribution towards the SMI). The p-value is used to 

evaluate this relationship, with a threshold of less than 0.05, indicating that the null hypothesis can be 

rejected with 95% confidence. This would demonstrate a significant relationship between the independent 

and dependent variables. The analysis results are summarised in the following table, where the dependent 

variable is blame attribution towards the SMI. 

Table 14: Blame Attribution towards Social Media Influencer 

 Correlation matrix Regression model 

 Pearson coefficient Standardised coefficient 𝛽 

Relationship strength -0.174** -0.068 

Perceived trustworthiness -0.319*** -0.281*** 

* significant at 90% confidence level 

** significant at 95% confidence level 

*** significant at 99% confidence level 

The table shows that although the regression model is significant, there is inconclusive evidence to conclude 

that the strength of the relationship between the SMI and their followers has a causal effect on the blame 

attribution towards the SMI. The data did confirm (at the 95% confidence level) that the relationship 

between these variables is negative, as anticipated in the hypothesis; however, this conclusion is based on 

the correlation matrix, which does not establish causation. Therefore, hypothesis H1a is not supported 

based on the regression analysis. However, a second regression was run without the independent variable 

perceived trustworthiness. This was conducted because relationship strength and trustworthiness are 

intercorrelated. This second regression shows that, without perceived trustworthiness in the regression 

model, there is a causal relationship between relationship strength and blame attribution towards the SMI. 

However, the hypothesis is still unsupported based on the complete regression model. 

In contrast to relationship strength, the research found conclusive evidence that the perceived 

trustworthiness of the SMI has a causal effect on blame attribution towards the SMI. The correlation matrix 
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indicates a negative relationship between these variables, and the regression analysis confirms significant 

causation. Specifically, an increase of 1 in perceived trustworthiness results in a decrease of 0.281 in blame 

attribution towards the SMI. Therefore, hypothesis H2a is supported based on the regression analysis. This 

research demonstrated a causal relationship between perceived trustworthiness and blame attribution 

towards the SMI. 

A supplementary regression analysis was conducted to test if relationship strength and perceived 

trustworthiness have a moderating impact on the causal relationship between service failure severity and 

blame attribution towards the SMI. The regression results indicated a negative moderating impact (-0.415) 

of perceived trustworthiness on this relationship, while relationship strength showed no significant 

moderating effect. 

4.2.2 Blame Attribution Service Provider 

H1b: Relationship strength between the customer and the SMI is positively associated with the 

degree to which blame for service failure is attributed to the service provider. 

H2b: Perceived trustworthiness of the SMI is positively associated with the degree to which blame 

for service failure is attributed to the service provider. 

The second regression analysis was conducted to test hypotheses H1b and H2b, aiming to determine 

whether a significant relationship exists between the independent variables (relationship strength and 

perceived trustworthiness) and the dependent variable (blame attribution towards the service provider). 

The analysis results are summarised in the following table, where the dependent variable is blame 

attribution towards the service provider. 

Table 15: Blame Attribution towards Service Provider 

 Correlation matrix Regression model 

 Pearson coefficient Standardised coefficient 𝛽 

Relationship strength 0.182*** 0.149** 

Perceived trustworthiness 0.060 -0.015 

* significant at 90% confidence level 

** significant at 95% confidence level 

*** significant at 99% confidence level 

The regression analysis yielded a p-value of 0.052 for relationship strength, which is marginally above the 

threshold of 0.05. Given the proximity to the conventional significance threshold, this result is considered 

marginally significant. Thus, there is some evidence that the strength of the relationship between the SMI 

and their followers has a causal effect on the blame attribution towards the service provider. The data also 

confirmed that the relationship between these variables is positive, as anticipated in the hypothesis. 

Therefore, hypothesis H1b is accepted as supported, albeit with caution. Given the marginal significance, 

a second regression was run without the independent variable perceived trustworthiness. This was 

conducted because relationship strength and trustworthiness are intercorrelated. This second regression 

shows that, without perceived trustworthiness in the regression model, there is a more apparent causal 

relationship between relationship strength and blame attribution towards the service provider. 

Furthermore, the table shows that there is inconclusive evidence to conclude that the perceived 

trustworthiness of the SMI has a causal effect on the blame attribution towards the service provider. 
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Therefore, hypothesis H2b is not supported based on the regression analysis. However, a second regression 

was run without the independent variable relationship strength. This was conducted because relationship 

strength and trustworthiness are intercorrelated. This second regression shows that, even without 

relationship strength in the regression model, a causal relationship between perceived trustworthiness and 

blame attribution towards the service provider could not be demonstrated. This research could not 

demonstrate a causal relationship between perceived trustworthiness and blame attribution towards the 

service provider. 

A supplementary regression analysis was conducted to test whether relationship strength and perceived 

trustworthiness moderate the causal relationship between service failure severity and blame attribution 

towards the service provider. The regression results indicated that neither relationship strength nor 

perceived trustworthiness significantly moderates this relationship. 

4.2.3 Overall Satisfaction 

H3a: The degree to which blame for service failure is attributed to the SMI is positively associated 

with overall satisfaction with the service provider. 

H3b: The degree to which blame for service failure is attributed to the service provider is negatively 

associated with overall satisfaction with the service provider. 

The third regression analysis was conducted to test hypotheses H3a and H3b, aiming to determine whether 

a significant relationship exists between the independent variables (blame attribution towards the SMI and 

blame attribution towards the service provider) and the dependent variable (overall satisfaction with the 

service provider). The analysis results are summarised in the following table, where the dependent variable 

is overall satisfaction with the service provider. 

Table 16: Overall Satisfaction with Service Provider 

 Correlation matrix Regression model 

 Pearson coefficient Standardised coefficient 𝛽 

Blame attribution towards SMI -0.005 -0.097** 

Blame attribution towards service provider -0.598*** -0.328*** 

* significant at 90% confidence level 

** significant at 95% confidence level 

*** significant at 99% confidence level 

The table shows that the research found conclusive evidence that blame attribution towards the SMI has a 

causal effect on overall satisfaction with the service provider at the 95% confidence level. Contrary to the 

positive relationship anticipated in the hypothesis, the relationship between these variables is negative. 

Specifically, an increase of 1 in blame attribution towards the SMI results in a decrease of 0.097 in overall 

satisfaction with the service provider. Therefore, hypothesis H3a is not supported based on the regression 

analysis. This research demonstrated a negative causal relationship between blame attribution towards the 

SMI and overall satisfaction with the service provider instead of the anticipated positive relationship. 

Furthermore, the table shows conclusive evidence that blame attribution towards the service provider has 

a causal effect on overall satisfaction with the service provider. The correlation matrix indicates a negative 

relationship between these variables, and the regression analysis confirms significant causation. 

Specifically, an increase of 1 in blame attribution towards the service provider results in a decrease of 0.328 
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in overall satisfaction with the service provider. Therefore, hypothesis H3b is supported based on the 

regression analysis. This research demonstrated a causal relationship between blame attribution towards 

the service provider and overall satisfaction with the service provider. 

A supplementary regression analysis was conducted to test whether blame attribution moderates the causal 

relationship between service quality and overall satisfaction with the service provider. The regression results 

indicated a negative moderating impact of both blame attribution towards the SMI and blame attribution 

towards the service provider. 

4.2.4 Summary of the Results 

Table 17: Summary Table 

Dependent variable Independent variable F 𝛽 p-value Hypothesis 

Blame attribution 

towards SMI 

Relationship 17.134 -0.068 0.356 H1a Not supported* 

Trustworthiness -0.281 < 0.001 H2a Supported 

Blame attribution 

towards service provider 

Relationship 10.658 0.149 0.052 H1b Supported 

Trustworthiness -0.015 0.845 H2b Not supported* 

Overall satisfaction with 

service provider 

Blame attribution SMI 128.742 -0.097 0.020 H3a Not supported** 

Blame attribution service -0.328 < 0.001 H3b Supported 

*Not supported because p-value > 0.05 

**Not supported because the effect was opposite as hypothesised 

 

Figure 4: Conceptual Model with Standardised Regression Coefficients 
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5. DISCUSSION 

5.1 Relationship Strength 

The analysis did not support hypothesis H1a, which posited that stronger relationships between customers 

and SMIs would lead to decreased blame attribution towards the SMI. The complete regression model did 

not show a significant causal effect, suggesting that the strength of the relationship with the SMI does not 

necessarily translate into decreased blame towards the SMI. 

One possible explanation could be the moderate correlation between relationship strength and perceived 

trustworthiness, which suggests overlapping effects. A regression analysis excluding perceived 

trustworthiness revealed a significant negative effect of relationship strength on blame attribution towards 

the SMI. Despite this finding, the adjusted R-squared values for the complete model (0.184) and the 

isolated regression (0.131) highlight that over 80% of the variance in blame attribution towards the SMI 

remains unexplained, indicating the presence of additional influencing factors. 

One potential factor not included in this research is the extent of the influence of the SMI's portrayal of the 

service on customer expectations. Literature indicates that SMI endorsements contribute to the formation 

of consumer expectations of promoted services (Kumar & Kuldeep, 2022). SMIs often embellish their 

endorsements to attract interest, using selective presentation and exaggeration to highlight positive 

aspects while omitting negatives (Tsai & Hsin, 2023; Rundin & Colliander, 2021; Wellman et al., 2020). This 

enhanced portrayal may set unrealistic expectations. How this portrayal of the service shaped the 

customers' expectations might influence how blame is attributed to the SMI when the service fails to meet 

those expectations. 

Additionally, the strength of the relationship may influence blame attribution in opposing directions. While 

the literature suggests that stronger relationships can foster greater sympathy (Pradhan et al., 2023) and 

act as a buffer during negative events (Hess et al., 2003), potentially leading to reduced blame attribution, 

the concept of 'relational transgression' indicates that a strong relationship can also amplify adverse 

reactions if it is perceived as violated (Ward & Ostrom, 2006). This sense of betrayal might increase blame 

attribution, potentially contributing to the insignificant results observed. Consequently, the effect of 

relationship strength on blame attribution towards the SMI may vary based on individual perceptions and 

experiences. 

The analysis revealed a marginally significant causal effect of relationship strength on blame attribution 

towards the service provider in the complete regression model. Given the proximity to the conventional 

significance threshold, hypothesis H1b is supported. This causal effect is positive, as anticipated, indicating 

that if the relationship between the SMI and their followers is strong, more blame will be attributed to the 

service provider if a service failure occurs. The regression results of a second analysis, which excluded the 

variable perceived trustworthiness, also demonstrated a significant causal effect of relationship strength on 

blame attribution towards the service provider. However, the adjusted R-squared values for the complete 

model (0.119) and the isolated regression (0.123) reveal that over 85% of the variance in blame attribution 

towards the service provider remains unexplained. This suggests that other factors likely contribute to 

blame attribution and warrants further investigation into additional influences on this outcome. 
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Attribution theory, which explores how blame is assigned, indicates that blame attribution in response to 

service failures is multifaceted (Bitner, 1990). This research primarily focuses on the locus of causality, the 

entity perceived as responsible for the service failure (Isabella et al., 2022). The hypothesis assumed that 

blame would be attributed to either the SMI who recommended the service or the service provider. However, 

literature suggests that blame attribution sometimes involves a combination of multiple factors (Janjua, 

2017). 

Furthermore, this research did not include the stability and controllability dimensions, which are integral to 

attribution theory. If a service failure is perceived as a rare, non-recurring event, blame towards the service 

provider might be reduced (Bitner, 1990; Grewal et al., 2008; Walton & Hume, 2012). Similarly, blame 

attribution towards the service provider could be lower if the failure is seen as unavoidable or out of the 

service provider's control (Fu et al., 2021). These factors were not measured in this study but could 

influence the results. 

Lastly, customers' expectations of the service provider may play a more critical role in blame attribution 

than their relationship with the SMI. According to the expectation confirmation perspective, satisfaction is 

primarily driven by the gap between expectations and actual performance (Hu et al., 2019; Zeithaml et al., 

1993). Therefore, if the service provider fails to meet customer expectations, blame will likely be directed 

at the service provider, regardless of the customer's relationship with the SMI. 

In summary, the lack of support for hypotheses H1a and H1b highlights the complexity of blame attribution 

processes (Bitner, 1990) and suggests that factors such as customer expectations (Hu et al., 2019; Zeithaml 

et al., 1993), the nature of the service failure (Fu et al., 2021; Grewal et al., 2008; Walton & Hume, 2012), 

and the portrayal of services by SMIs (Tsai & Hsin, 2023; Rundin & Colliander, 2021; Wellman et al., 2020) 

may play more significant roles than the strength of the relationship alone. 

5.2 Perceived Trustworthiness 

Hypothesis H2a posited that higher perceived trustworthiness in an SMI would decrease blame attribution 

towards the SMI. The analysis supported this hypothesis, revealing a significant negative effect of perceived 

trustworthiness on blame attribution towards the SMI. Specifically, an increase in the SMI's perceived 

trustworthiness was associated with reduced blame attribution towards the SMI. This finding aligns with 

existing literature, which suggests that trustworthiness plays a critical role in shaping consumer responses 

to SMIs' messages (Al-Mu'ani et al., 2023). 

This finding indicates that trustworthiness plays a crucial role in mitigating adverse reactions from 

customers. When an SMI is perceived as highly trustworthy, customers are less likely to hold them fully 

accountable for severe service failures. Perceived trustworthiness acts as a protective factor, reducing the 

extent to which customers blame the SMI for service failures. Trustworthiness pertains to the perceived 

reliability, honesty, and credibility of an SMI when expressing their opinions and recommending products 

and services (Al-Mu'ani et al., 2023). This leads followers to believe that the SMI's recommendations are 

genuine (Lim et al., 2017), leading followers to attribute less blame to them when service failures occur. 

Conversely, when consumers' trust in the SMI is low, they perceive the SMI as deliberately advertising and 

will see their message as commercial, thus not as genuine opinions (Mangiò & Di Domenico, 2022; Pradhan 

et al., 2023), consequently leading followers to attribute more blame to them when service failures occur 

on a service they recommended. Therefore, the negative effect of perceived trustworthiness on blame 
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attribution towards the SMI can be linked to customers' belief that a trustworthy SMI would not intentionally 

mislead them and may view the failure as more attributable to the service provider rather than the SMI. 

A supplementary regression analysis explored whether perceived trustworthiness moderates the 

relationship between service failure severity and blame attribution towards the SMI. The results revealed 

a significant negative moderating effect. This implies that, while a more severe service failure leads to more 

blame being attributed to the SMI, perceived trustworthiness can weaken this relationship. This interaction 

suggests that even when service failures are severe, the perceived trustworthiness of the SMI can buffer 

the negative impact on blame attribution towards themselves. 

The direct and indirect effects (via moderating the relationship between service failure severity and blame 

attribution) of the perceived trustworthiness of the SMI on blame attribution towards the SMI underscore 

the importance of trust in the dynamic between SMIs and their followers. High perceived trustworthiness 

can create a buffer that softens the blow of negative experiences, suggesting that building and maintaining 

trust with followers is essential for SMIs. It highlights that while trust cannot entirely shield an SMI from 

blame in a severe service failure, it can alleviate some of the blame directed at them, potentially preserving 

the SMI's reputation and relationship with their audience. 

However, it is essential to note that the adjusted R-squared value for the regression model examining 

perceived trustworthiness was 0.184, indicating that over 80% of the variance in blame attribution towards 

the SMI remains unexplained. This suggests that other factors beyond perceived trustworthiness also play 

a significant role in influencing blame attribution. The previous section on relationship strength discussed 

additional variables that could contribute to a more comprehensive understanding of blame attribution 

Hypothesis H2b proposed that higher perceived trustworthiness in an SMI would increase blame attribution 

towards the service provider. This hypothesis was not supported, as the analysis did not find a significant 

effect of perceived trustworthiness on blame attribution towards the service provider. A second regression 

analysis was conducted without the variable relationship strength to try to separate the effects of the 

independent variables and eliminate the overlapping effects of these variables. This regression also did not 

show a significant causal effect of the perceived trustworthiness of the SMI on blame attribution towards 

the service provider. This result may seem counterintuitive given the findings for H2a, but several factors 

could explain this discrepancy. 

Firstly, the hypothesis assumed that blame would be attributed to either the SMI who recommended the 

service or to the service provider, and did not consider the possibility of a combination of multiple loci of 

causality (Janjua, 2017). Additionally, the other dimensions of attribution theory, namely stability and 

controllability, can also influence how blame is attributed after a service failure. If the service failure is 

perceived as having an unstable cause, which is unlikely to recur, blame towards the service provider might 

be reduced (Bitner, 1990; Grewal et al., 2008; Walton & Hume, 2012). Similarly, if the service failure is 

perceived as uncontrollable, meaning the service provider could not have prevented it, blame attribution 

towards the service provider could be lower (Fu et al., 2021). The service provider's role and responsibility 

in the service failure might be more relevant in determining blame, irrespective of the SMI's 

trustworthiness. 

Secondly, customers' expectations of the service provider may play a more critical role in blame attribution 

than their perception of the SMI's trustworthiness. According to the expectation confirmation perspective, 

customer satisfaction hinges on whether actual service performance meets or exceeds customer 

expectations (Hu et al., 2019; Zeithaml et al., 1993). Therefore, if the service provider fails to meet 
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customer expectations, blame may be assigned directly to them rather than being influenced by the SMI's 

perceived trustworthiness. 

Furthermore, the literature suggests that prior experiences with the service provider can influence how 

blame is attributed (Hess et al., 2003; Srivastava & Gosain, 2020; Zeithaml et al., 1993). While this 

research focuses on service failures after a customer followed a recommendation by an SMI, this does not 

eliminate the possibility that the customer had prior encounters with the service provider. The prior service 

encounter not only influences the expectations of the service (Zeithaml et al., 1993) but also impacts the 

stability attributions (Hess et al., 2003; Srivastava & Gosain, 2020). Therefore, these prior service 

encounters could impact how blame is attributed after experiencing a service failure. 

In summary, the findings affirm that perceived trustworthiness significantly reduces blame attribution 

towards the SMI, confirming hypothesis H2a. However, this effect does not extend to increasing blame 

attribution towards the service provider, leading to a lack of support for hypothesis H2b. These results 

underscore the complexity of blame attribution processes and highlight that perceived trustworthiness 

affects blame attribution in nuanced ways depending on the target of the blame. 

5.3 Overall Satisfaction 

Hypothesis H3a posited that blame attribution towards the SMI would positively impact overall satisfaction 

with the service provider. However, the analysis found that blame attribution towards the SMI negatively 

impacts overall satisfaction with the service provider, contrary to the hypothesised direction. Furthermore, 

the supplementary regression analysis revealed a significant negative moderating effect of blame 

attribution towards the SMI on the relationship between service quality and overall satisfaction with the 

service provider. This suggests that even when service quality is high, attributing blame to the SMI can still 

negatively affect overall satisfaction with the service provider. The moderating effect indicates that blame 

attribution towards the SMI can weaken the positive impact of service quality on overall satisfaction. These 

surprising results warrant a thorough explanation. 

This hypothesis was formulated with the understanding that external attributions evoke a sense of 

distributed injustice among customers (Iglesias, 2009; Isabella et al., 2022), leading to a decrease in 

overall satisfaction with the service provider (Fu et al., 2015; Isabella et al., 2022; Srivastava & Gosain, 

2020). In the literature, 'external' factors are often seen as those within the service organisation. 

Consequently, it was expected that if another entity (in this case, the SMI) were perceived as responsible 

for the service failure, overall satisfaction with the service provider would increase. However, as the SMI is 

also an external factor relative to the customer, their involvement might similarly contribute to a decrease 

in overall satisfaction. The negative impact of blame attribution towards the SMI on overall satisfaction with 

the service provider suggests a more complex interplay between blame attribution and customer 

satisfaction than initially hypothesised. 

Additionally, the literature suggests that external locus attributions can cast a halo effect on customers' 

evaluations of the organisation as a whole, leading them to negatively evaluate aspects of the service that 

were not directly related to the failure itself (Iglesias, 2009). This indicates that a service failure casts a 

negative halo effect on the entire service experience and everything related to it. As a result, even if the 

SMI is deemed responsible for the service failure, the negative perception caused by the failure can still 

decrease the overall satisfaction with the service provider. 
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The findings related to hypothesis H3a underscore the critical need for managing the messages conveyed 

by SMIs (Borchers & Enke, 2021). It reveals that even if an SMI is blamed for a service failure, overall 

satisfaction with the service provider can still decrease, and the provider's reputation may suffer. 

Consequently, companies need to manage the content of SMI endorsements carefully. When SMIs present 

an embellished or idealised version of a service, it can create customer expectations that diverge from the 

actual service delivered (Zeithaml et al., 1993). As indicated by the results, even if the SMI is held 

responsible for this misalignment, it can still lead to dissatisfaction with the service provider when the 

service fails to meet these heightened expectations. Therefore, companies must collaborate closely with 

SMIs to ensure their messages accurately reflect service standards. This collaboration helps to minimise 

discrepancies between customer expectations and service delivery, which can otherwise lead to 

dissatisfaction and reputational damage (Zeithaml et al., 1993). While SMIs value creative freedom in their 

promotions, companies must strike a balance by providing guidelines that preserve authenticity while 

aligning with service realities (Borchers & Enke, 2021). By managing this balance, companies can reduce 

the risk of negative impacts on satisfaction and protect their brand's integrity amid SMI endorsements. 

Hypothesis H3b proposed that blame attribution towards the service provider would negatively affect overall 

satisfaction with the service provider. The analysis supported this hypothesis, confirming that blame 

directed at the service provider significantly reduces overall satisfaction. This finding aligns with the broader 

literature, which emphasises the adverse impact of perceived responsibility for service failures on customer 

satisfaction (Fu et al., 2015; Isabella et al., 2022; Srivastava & Gosain, 2020). 

The supplementary regression analysis found a significant negative moderating effect of blame attribution 

towards the service provider on the relationship between service quality and overall satisfaction. This means 

that when customers blame the service provider, the positive effects of high service quality on overall 

satisfaction are diminished. In other words, even if the service quality is high, customers who perceive the 

service provider as responsible for the service failure will have lower overall satisfaction. This moderating 

effect underscores the significant role of perceived accountability in shaping customer satisfaction. 

The support for H3b and the observed negative moderating effect underscores the crucial need for service 

providers to manage blame perceptions effectively. This highlights the importance of clear communication 

and problem resolution in mitigating the adverse effects of blame on overall satisfaction. Service providers 

should focus on service recovery strategies to address blame and enhance customer satisfaction. For 

instance, providing a detailed explanation of the internal or external factors contributing to the service 

failure can help reduce controllability attributions (Grewal et al., 2008). Additionally, offering compensation 

can improve customer perceptions of the company's responsiveness and reduce attributions of stability 

(Grewal et al., 2008). By implementing these strategies, service providers can better manage blame and 

protect overall customer satisfaction. 

The adjusted R-squared value for the regression model examining blame attribution indicates that the 

regression model explains approximately 65% of the variance in overall satisfaction with the service 

provider. This demonstrates that service quality and blame attribution towards the SMI and the service 

provider substantially shape overall satisfaction. However, the remaining variance suggests that other 

factors also contribute to overall satisfaction. One such factor could be service recovery efforts. The 

effectiveness and promptness of how a service provider addresses and resolves the service failure can 

significantly impact overall satisfaction (Holloway & Beatty, 2003; Lewis & McCann, 2004). 

In summary, the findings illustrate the complex dynamics between blame attribution and overall 

satisfaction. The results for H3a and H3b indicate that blame attribution, whether directed at the SMI or 
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the service provider, has significant implications for customer satisfaction. Service providers must consider 

these dynamics in their strategies to enhance customer satisfaction and loyalty in the context of influencer 

marketing. 
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6. CONCLUSION 

6.1 Summary of Key Findings 

This study delves into the intricate dynamics between SMIs, service providers, and consumer blame 

attribution, offering valuable insights into how various factors affect customer satisfaction. The results 

reveal significant complexities in the relationships among these variables, highlighting the intricate roles of 

perceived trustworthiness, relationship strength, and blame attribution. 

The analysis found that the strength of the relationship between customers and SMIs does not have a 

straightforward impact on blame attribution towards the SMI. Contrary to hypothesis H1a, which proposed 

a direct influence of relationship strength on blame attribution towards the SMI, the results showed more 

nuanced interactions. While a separate analysis indicated a significant negative effect of relationship 

strength on blame attribution towards the SMI while isolated — suggesting that stronger relationships 

might reduce blame — the insignificance of relationship strength in the complete model suggests other 

factors play more critical roles. For example, the SMI's portrayal of the service, which can set unrealistic 

expectations (Kumar & Kuldeep, 2022), and the potential for increased blame if a strong relationship is 

perceived as violated (Ward & Ostrom, 2006), could influence the results. Thus, the effect of relationship 

strength on blame attribution is complex and may vary based on individual perceptions. 

Conversely, the analysis found that the strength of the relationship between customers and SMIs directly 

impacts blame attribution towards the service provider. The support for hypothesis H1b indicates that 

stronger connections between customers and SMIs might increase blame towards the service provider. 

However, the adjusted R-squared suggests that other factors are also influential. Notably, customer 

expectations are critical in this context. When service performance fails to meet these expectations, the 

service is deemed a failure (Zeithaml et al., 1993), leading to increased blame directed at the service 

provider. 

The analysis supported hypothesis H2a, confirming that higher perceived trustworthiness in an SMI is 

associated with decreased blame attribution towards the SMI. This finding aligns with the existing literature, 

highlighting the protective role of trustworthiness in mitigating adverse customer reactions. A trustworthy 

SMI is perceived as more reliable and less likely to intentionally mislead (Lim et al., 2017; Ozuem et al., 

2023), leading customers to attribute less blame to them during service failures. This suggests that building 

and maintaining trust is crucial for SMIs to preserve their reputation and mitigate potential negative fallout 

from service failures. 

However, hypothesis H2b, which proposed that higher perceived trustworthiness would increase blame 

towards the service provider, was not supported. The results suggest that blame attribution is influenced 

more by the service provider's performance and customer expectations than by the SMI's trustworthiness 

(Hu et al., 2019; Zeithaml et al., 1993). This discrepancy highlights that while trustworthiness affects blame 

attribution towards the SMI, it does not necessarily extend to blame towards the service provider. This 

complexity further emphasises the need for a comprehensive approach to understanding blame attribution 

that includes additional factors, such as stability and controllability dimensions of attribution theory, as they 

may play a crucial role in shaping how blame is assigned in service failure contexts. 
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The study also examined the impact of blame attribution on overall satisfaction with the service provider. 

Hypothesis H3a, which anticipated a positive impact of blame attribution towards the SMI on overall 

satisfaction, was not supported. Instead, the data demonstrated that blame directed at the SMI negatively 

affects overall satisfaction with the service provider. This unexpected outcome indicates that even if the 

SMI is blamed, the overall perception of the service provider can still suffer. This finding indicates a negative 

halo effect where service failures tarnish the entire service experience and lead to dissatisfaction, regardless 

of who is deemed responsible (Iglesias, 2009). 

On the other hand, hypothesis H3b was supported, demonstrating that blame attribution towards the 

service provider reduces overall satisfaction. This finding aligns with the literature, underscoring the 

detrimental impact of perceived responsibility for service failures on customer satisfaction (Fu et al., 2015; 

Isabella et al., 2022; Srivastava & Gosain, 2020). When customers blame the service provider, their overall 

evaluation of the service experience deteriorates, reflecting decreased satisfaction. This supports the notion 

that perceived responsibility directly influences customers' emotional responses and overall contentment 

with the service (Iglesias, 2009; Srivastava & Gosain, 2020; Walton & Hume, 2012). 

6.2 Theoretical Implications 

This thesis makes significant contributions to the theoretical understanding of blame attribution within the 

context of influencer marketing and service failures, extending the application of attribution theory to a 

novel and increasingly relevant domain. This study offers several theoretical contributions by combining 

insights from research on conventional service failure scenarios and influencer marketing's impact on 

consumer behaviour. 

This research extends the application of attribution theory by examining the role of SMIs in shaping blame 

attribution during service failures. Traditional attribution theory often focuses on internal, external, or 

situational loci of causality, typically considering 'external factors' as factors within the service organisation. 

This study introduces SMIs as a new locus of causality, exploring how the strength of the relationship 

between SMIs and their followers and the SMIs' perceived trustworthiness influence blame attribution. 

While relationship strength does not significantly impact blame attribution towards the SMI, it does 

influence blame attribution towards the service provider. Conversely, perceived trustworthiness does not 

play a crucial role in determining blame towards the service provider, but it does influence blame attribution 

towards the SMI. This aligns with existing literature emphasising the importance of trustworthiness in 

influencer marketing. Trustworthiness, defined by perceived reliability, honesty, and credibility, acts as a 

protective factor for the SMI, mitigating adverse consumer reactions even amid severe service failures. 

The research underscores the importance of customer expectations in shaping blame attributions and 

overall satisfaction with the service provider. The inability to find a significant causal effect of relationship 

strength or perceived trustworthiness on blame attribution towards the service provider suggests that other 

factors are more influential. When service providers fail to meet customer expectations, blame is likely 

directed at them regardless of the SMI's perceived trustworthiness or the strength of their relationship with 

their followers. This highlights the importance of managing customer expectations in service delivery and 

influencer marketing. 

The study provides new insights into the complex relationship between blame attribution and overall 

satisfaction with the service provider. The findings indicate that blame directed at the SMI negatively 
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impacts overall satisfaction with the service provider. This challenges traditional assumptions that 

attributing blame to factors external to the service organisation would serve as a buffer and reduce 

dissatisfaction with the service provider. Instead, it reveals a more intricate interplay where negative 

perceptions of the SMI can still detract from satisfaction with the service provider. 

In summary, this thesis contributes to the theoretical landscape by expanding attribution theory to include 

SMIs as a potential locus of causality in the context of influencer marketing. It challenges existing 

assumptions, highlights the complexity of blame attribution processes, and underscores the importance of 

trust and customer expectations in shaping consumer responses. These insights pave the way for future 

research to further explore the intricate dynamics between SMIs, service providers, and consumers in the 

digital age. 

6.3 Managerial Implications and Recommendations for Managers 

This thesis provides valuable managerial insights into the dynamics of blame attribution in the context of 

influencer marketing and service failures. This research offers actionable recommendations for managers 

looking to optimise their influencer marketing strategies and improve service delivery. 

Managers should focus on minimising service failures by strategically managing their influencer marketing 

initiatives. It is crucial to select SMIs with a proven track record of transparency and authenticity and 

encourage them to share honest reviews without embellishing service attributes. This approach ensures 

that endorsements accurately reflect the service's capabilities. Overly positive portrayals can create 

unrealistic expectations that are hard to meet, leading to service failures. As this research indicates, even 

if the SMI is perceived as responsible for misleading and exaggerated portrayals, satisfaction with the 

service provider will still decrease if the service provider fails to meet these heightened expectations. 

Therefore, managers should work closely with SMIs to ensure accurate representations of the service. 

Effective strategies include: 

• Providing SMIs with detailed and accurate information about the service. 

• Establishing clear guidelines for promotional content to avoid misrepresentation. 

• Encouraging SMIs to highlight both strengths and limitations of the service. 

• Monitoring SMI content while balancing control with the SMI's creative autonomy. 

Managers should develop and implement robust, proactive service recovery strategies to promptly address 

service failures when they occur. Given that blame attribution towards both SMIs and service providers can 

negatively impact overall customer satisfaction, effective service recovery is crucial. Effective service 

recovery can restore customer trust and satisfaction following a service failure. Managers should think 

about service recovery proactively to ensure a quick response when failures occur. Effective strategies 

include: 

• Transparent communication, providing explanations for service failures to alleviate blame. 

• Compensation or corrective actions that address specific customer concerns to improve perceptions 

of responsiveness. 

• Training of frontline employees to handle complaints empathetically and efficiently 

In summary, this thesis provides practical insights for managers aiming to leverage influencer marketing 

effectively while managing blame attribution and customer satisfaction. By aligning expectations and 



P a g e  | 58 

implementing robust service recovery strategies, managers can enhance the effectiveness of their 

influencer marketing efforts and maintain positive customer relationships in the face of service failures. 

6.4 Limitations and Suggestions for Further Research 

This research has significantly contributed to understanding the dynamics of blame attribution in the 

context of influencer marketing and service failures. However, several limitations should be acknowledged, 

and these limitations offer avenues for future research. 

One fundamental limitation is the sampling strategy employed for this research. Due to time and budget 

constraints, a non-probability convenience sampling method was employed. While this method is cost-

effective and efficient, it introduces a selection bias and limits the generalisability of the findings. The 

sample had a high percentage of female respondents, likely due to the chosen sampling strategy, as the 

researcher is female. Consequently, the sample may not fully represent the entire population, impacting 

the results' external validity. 

Another limitation concerns the selected research method. The data for this study was collected via a 

survey, which, although suitable for capturing the current state of consumer perceptions and attitudes, 

does not allow for controlling variables that have a known impact on the independent variables. Service 

failure severity and service quality were included in the model but were not kept stable. A factorial 

experiment could have controlled these variables and minimised confounding effects unrelated to the 

variables being tested. 

The final limitation is the scope of the variables measured in this study. While this study focused on the 

strength of the relationship between the SMI and their followers and the perceived trustworthiness of the 

SMI, many other potential influential variables were not included. Factors such as the extent of the influence 

of the SMI's portrayal of the service on customer expectations and the customer's prior experiences with 

the service provider could significantly impact blame attribution and overall satisfaction. Furthermore, this 

study primarily focused on the locus of causality dimension of attribution theory. Other dimensions, namely 

stability and controllability, were not measured or examined. These dimensions could provide a more 

comprehensive understanding of blame attribution. 

Given these limitations, several areas for future research emerge. Investigating how factors such as 

customer expectations and prior experiences with the service provider affect blame attribution and overall 

satisfaction would provide a more holistic view of the blame attribution process. While this has been 

researched in conventional service failure scenarios, it has yet to be examined in the context of service 

failure scenarios related to SMI recommendations. Additionally, incorporating the stability and controllability 

dimensions of attribution theory into future research could yield a more comprehensive understanding of 

how these factors interact with the locus of causality in service failure scenarios related to SMI 

recommendations. 

Moreover, this research is among the first to examine blame attribution in the context of influencer 

marketing. Therefore, a broader exploratory approach was adopted, including data from various service 

industries and types of service failures. This broad approach provides a general understanding but may 

overlook industry-specific or failure-specific nuances. Future research could benefit from a more focused 

examination of specific service industries or types of service failures. By analysing blame attribution in a 
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particular industry or for specific service failures, researchers could uncover nuanced insights and tailor 

managerial strategies that are more relevant to particular contexts. 

In conclusion, while this study offers valuable insights into blame attribution in influencer marketing, 

acknowledging its limitations helps to identify further research areas. Addressing these limitations and 

exploring new avenues can build a more comprehensive understanding of this complex phenomenon and 

enhance theoretical and practical knowledge in this field. 
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8. APPENDICES 

8.1 Appendix A: List of Abbreviations 

SMI Social media influencer 

WOM Word-of-mouth 

KMO Kaiser-Meyer-Olkin Measure of Sampling Adequacy 

8.2 Appendix B: Questionnaire 

I'm a Master of Management student at the University of Hasselt, specialising in International Marketing 

Strategy. My research explores customer experiences with influencers, focusing on service failures related 

to their recommendations. A service failure occurs when a service does not meet your expectations. Your 

input is valuable and will help me to better understand consumer behaviour. 

This survey takes about 15 minutes. Participation is voluntary and you can withdraw at any time. All 

responses are recorded anonymously, and information will be kept strictly confidential and used for research 

purposes only. 

Do you agree to participate in this survey? 

o I agree and would like to take the survey. 

o I disagree and do not wish to proceed. 

 

To participate in this survey, you must have experienced a service failure after following an influencer's 

recommendation. A service failure happens when a service doesn't meet your expectations. 

Consider this scenario: 

You see an influencer's content about a service provider (e.g., a TikTok video, Instagram post, YouTube 

video). Inspired by what you saw, you decide to try the service. This service could involve anything from 

eating at restaurant, staying at a hotel, visiting a wellness centre, attending an event, hiring a personal 

trainer, using a bank, choosing a delivery service, consulting an accounting firm, hiring a construction 

company, consulting a travel agency, participating in a leisure activity, visiting a salon, participating in gym 

classes, employing cleaning services, or using a car rental service, among other services. However, when 

you tried the service, you found that it was not as good as you expected. It did not meet the standards 

that the influencer had suggested. 

Have you experienced something similar? 

o Yes, I have experienced a similar situation. 

o No, I have not experienced a similar situation. 

 

Let's start with the survey. Please read each question carefully and provide your honest opinions and 

experiences. There are no right or wrong answers, and your input is appreciated, no matter your viewpoint. 
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Please think about one specific instance where you experienced a service failure after following an 

influencer's recommendation. Can you briefly explain what happened in your experience? 

 

 

Throughout the survey, please refer to the specific experience you described above. All following questions 

should be answered based on that single instance. 

 

Please think about the situation that you described when answering these questions. On a scale of 1-7 (1 

being Not severe at all and 7 being Extremely severe) rate the following questions. 

 1 2 3 4 5 6 7 

How severe do you think this situation was? ○ ○ ○ ○ ○ ○ ○ 

Please think about the situation that you described when answering these questions. On a scale of 1-7 (1 

being Not inconvenient at all and 7 being Extremely inconvenient) rate the following questions. 

 1 2 3 4 5 6 7 

What level of inconvenience has this situation caused you? ○ ○ ○ ○ ○ ○ ○ 

Please think about the situation that you described when answering these questions. On a scale of 1-7 (1 

being Not stressful at all and 7 being Extremely stressful) rate the following questions. 

 1 2 3 4 5 6 7 

What level of stress has this situation caused you? ○ ○ ○ ○ ○ ○ ○ 

Please think about the situation that you described when answering these questions. On a scale of 1-7 (1 

being Not unfair at all and 7 being Extremely unfair) rate the following questions. 

 1 2 3 4 5 6 7 

How unfair do you think this situation was? ○ ○ ○ ○ ○ ○ ○ 

 

Please think about the influencer that recommended the service when answering these questions. On a 

scale of 1-7 (1 being Strongly disagree and 7 being Strongly agree) rate the following questions. 

 1 2 3 4 5 6 7 

When this influencer shows me how they feel about something, it helps 
me make up my own mind about the issue. 

○ ○ ○ ○ ○ ○ ○ 

This influencer makes me feel comfortable, as I am with friends. ○ ○ ○ ○ ○ ○ ○ 

I see this influencer as a natural, down-to-earth person. ○ ○ ○ ○ ○ ○ ○ 

I look forward to viewing or hearing about this influencer. ○ ○ ○ ○ ○ ○ ○ 

If this influencer appeared on a television program, I would watch that 
program. 

○ ○ ○ ○ ○ ○ ○ 
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I would like to meet this influencer in person. ○ ○ ○ ○ ○ ○ ○ 

I think this influencer is like an old friend. ○ ○ ○ ○ ○ ○ ○ 

I follow what this influencer is saying and doing. ○ ○ ○ ○ ○ ○ ○ 

When I'm viewing this influencer on Instagram/TikTok/YouTube/…, I feel 
as if I am part of their group. 

○ ○ ○ ○ ○ ○ ○ 

 

Please think about the influencer that recommended the service when answering these questions. On a 

scale of 1-7 (1 being Strongly disagree and 7 being Strongly agree) rate the following questions. 

 1 2 3 4 5 6 7 

Although this influencer posts ads, they give meaningful insights into 

the products. 
○ ○ ○ ○ ○ ○ ○ 

This influencer gives very honest reviews on brands. ○ ○ ○ ○ ○ ○ ○ 

The products and brands this influencer endorses vibe well with their 
personality. 

○ ○ ○ ○ ○ ○ ○ 

This influencer promotes products they would actually use. ○ ○ ○ ○ ○ ○ ○ 

 

Please think about the situation where the recommended service failed to meet your expectations. On a 

scale of 1-7 (1 being Strongly disagree and 7 being Strongly agree) rate the following questions. 

 1 2 3 4 5 6 7 

The problem that I encountered was all the influencer's fault. ○ ○ ○ ○ ○ ○ ○ 

The problem that I encountered was all the service provider's (the 
company's) fault. 

○ ○ ○ ○ ○ ○ ○ 

Please think about the situation where the recommended service failed to meet your expectations. On a 

scale of 1-7 (1 being Not at all responsible and 7 being Totally responsible) rate the following questions. 

 1 2 3 4 5 6 7 

To what extent was the influencer responsible for the problem that you 
experienced? 

○ ○ ○ ○ ○ ○ ○ 

To what extent was the service provider (the company) responsible for 
the problem that you experienced? 

○ ○ ○ ○ ○ ○ ○ 

Please think about the situation where the recommended service failed to meet your expectations. On a 

scale of 1-7 (1 being Not at all and 7 being Completely) rate the following questions. 

 1 2 3 4 5 6 7 

To what extent do you blame the influencer for this problem? ○ ○ ○ ○ ○ ○ ○ 

To what extent do you blame the service provider (the company) for 
this problem? 

○ ○ ○ ○ ○ ○ ○ 
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Please think about the situation where the recommended service failed to meet your expectations. On a 

scale of 1-7 (1 being Strongly disagree and 7 being Strongly agree) rate the following questions. 

 1 2 3 4 5 6 7 

The employee(s) in the service organisation understood my needs. ○ ○ ○ ○ ○ ○ ○ 

The employee(s) carried out the service exactly as I expected it. ○ ○ ○ ○ ○ ○ ○ 

The employee(s) provided prompt and quick service. ○ ○ ○ ○ ○ ○ ○ 

The employee(s) made me feel comfortable in dealing with them. ○ ○ ○ ○ ○ ○ ○ 

The employee(s) provided in-depth information of the service. ○ ○ ○ ○ ○ ○ ○ 

The employee(s) were willing to help me. ○ ○ ○ ○ ○ ○ ○ 

Generally, the physical facilities and employee(s) are neat and clean. ○ ○ ○ ○ ○ ○ ○ 

 

Please think about the service provider (the company) that you visited/used when answering these 

questions. On a scale of 1-7 (1 being Completely dissatisfied and 7 being Completely satisfied) rate the 

following questions. 

 1 2 3 4 5 6 7 

Overall, how satisfied are you with the service provider? ○ ○ ○ ○ ○ ○ ○ 

 

What gender do you identify yourself as? 

o Male 

o Female 

o Non-binary / third gender 

o Prefer not to say 

 

What is your age in years? 

o Below 18 

o 18 – 25 

o 26 – 35 

o 36 – 45 

o 46 – 55 

o 56 Above 

 

Thank you for completing this survey. 

Your response has been recorded. 

Your feedback is invaluable to this research. If you have any further questions, comments or suggestions, 

please feel free to email babette.heines@student.uhasselt.be 
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8.3 Appendix C: Outlier Detection 

8.3.1 Regression Model 1 
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8.3.2 Regression Model 2 

 

 

8.3.3 Regression Model 3 
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8.4 Appendix D: Demographics 

 

 

8.5 Appendix E: Reliability Statistics 

8.5.1 Relationship Strength 
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8.5.2 Perceived Trustworthiness 

 

8.5.3 Blame Attribution Social Media Influencer 

 

8.5.4 Blame Attribution Service Provider 

 

8.5.5 Service Failure Severity 

 

8.5.6 Service Quality 
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8.6 Appendix F: Factor Analysis 

8.6.1 Relationship Strength 

 

 

 

8.6.2 Perceived Trustworthiness 
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8.6.3 Blame Attribution Social Media Influencer 
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8.6.4 Blame Attribution Service Provider 
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8.6.5 Service Failure Severity 

 

 

 

8.6.6 Service Quality 
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8.7 Appendix G: Descriptive Statistics 
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8.8 Appendix H: Histograms 
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8.9 Appendix I: Linear Relationship 

8.9.1 Regression Model 1 
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8.9.2 Regression Model 2 

 

8.9.3 Regression Model 3 
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8.10 Appendix J: Homoscedasticity 

8.10.1 Regression Model 1 

 

8.10.2 Regression Model 2 
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8.10.3 Regression Model 3 

 

Breusch-Pagan Test 

 

White Test 
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8.11 Appendix K: Correlation 

8.11.1 All Variables 

 

8.11.2 Regression Model 1 and 2 

 



P a g e  | 86 

8.11.3 Regression Model 3 

 

8.12 Appendix L: Regression Model 1 

8.12.1 Direct Relationship – All Variables 

 

 



P a g e  | 87 

 

8.12.2 Direct Relationship – Relationship Strength 

 

 

 

8.12.3 Moderating Relationship 
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8.13 Appendix M: Regression Model 2 

8.13.1 Direct Relationship – All Variables 
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8.13.2 Direct Relationship – Relationship Strength 

 

 

 

8.13.3 Direct Relationship – Perceived Trustworthiness 
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8.13.4 Moderating Relationship 
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8.14 Appendix N: Regression Model 3 

8.14.1 Direct Relationship 3.1 

 

 

 

8.14.2 Direct Relationship 3.2 
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8.14.3 Moderating Relationship 
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