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INTRODUCTION . Approach 2. Apply Large Language Model

This paper presents a work in progress and a novel machine LLM techniques like ChatGPT and LLaMA were applied to predict OA
learning-based approach to assess and predict the tendency to support of research project.

support open-access within research projects as a feature of Open

. Given project abstract, disciplines, funder, etc. we asked LLM how
Sclence support.

N\ likely is it that the resulting publications will be open access?
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RESULTS

The models were trained and tested on 703 research projects from
FRIS portal.

In this work, the tendency to OA support of a project is represented
by the percentage of open-access articles expected as outcome of
that project.

ML model performance

] ] _ _ MSE Precision Recall F1-Score Accuracy
OA support is expected to be influenced by various project-related :
: : : : LR 0.074 0.78 0.80 0.80 0.80
factors, such as open-access journal articles authored by project : RFR 0.074 0.82 0.84 0.82 0.85
participants (researchers or organizations), the funding source, the SVR 0.074 0.78 0.80 0.79 0.80
associated research disciplines, and the interdisciplinarity of the ESTM 8822 823 8;? 8;‘23 8;?
project. BiLSTM 0.087 0.8l 0.75 0.78 0.76
E CNN 0.083 0.84 0.76 0.79 0.76
APPROACHES 5
Analyzing key mquto_rs | such as publlc_atlc_)n_ pr_actlces, funding LLM results
sources, research disciplines, and interdisciplinarity, we develop
predictive models that identify open-access support level. .
prompt_femplaté ¥7( ”Obén—access (OA) support level (value from 0 to 1) of a project
= is represented by the percentage of publications that were published in open access. "
. ) . . E "Given the following information of a project:\n"
Approach 1. Apply Predictive Machine Learning ; T PROMPT
. . E ::: iliigiﬁ?a/mc;;aLEgDi;zrvSv;ﬁi:”ﬁs calculated by using authors' disciplines: {DR}\n" <: TEMPLATE
Step 1: Develop feature creation algorithm to generate features for ; TN S IR
regreSS|On mOdeIS E ::: Ei;gi:?a%i}iin(ﬂ of organizations: {o}\n"
- "Using all provided information to predict the open-access support level of this
- project.\n" )
Algorithm 1 Feature Creation Algorithm
I].’lp'llt: pI'OjGCtID E Projept l.: To prgdw’ct the open-access (OA) support level of the project based on the
Output: F E B ganizstions Tmolad, ae well st the diverercy of suthore: dreciplines. T o
1: // Step 1: ('-J.OUI'lt perceintage Of Open-access pUblicationS ; - f*—Artl]ghggrgéﬂiiggeg}t’_a%i*:or the authors is 0.05 (5%).
2: P « GBtPU.b]lCELthIlS(pI‘OJGCtID) E - f*%:gag;iiggiggngieg;eggigi;;.orgam’zatﬁons is 0.1 (10%).
3: p + CalculatePercentageOpenAccess(P) : RESPONSE 3. sxDiversity of Authorsss: | |
4: // Step 2: Calculate average percentage of open-access publications for E EXAMPLE — Gsciplines. (Langages and Literary studics, Psychology and copmitive sciences thar.
researchers and research groups E might influence publication practices related to open access.
5: R <+ GetResearchers(projectID) ### Final Result
6: 7« CalculateAveragePorcentageResearchers(R) 5 e e e
7: O < GetResearchGroups(projectID) : interpretation) .
8: o < CalculateAveragePercentageGroups(O) :
9: // Step 3: Get Funder LLama3 Model performance
10: f < GetFunder(projectID) L
11: // Step 4: Predict Disciplines — Precision: 76%
12: d < PredictDisciplines(projectID) _ . 0
13: // Step 5: Calculate IDR : Recall. 83%
14: DR, DO, DD < CalculateIDR(projectID) : — F1-score: 78%
15: // Output the feature set
16: F < {p,r,0,d, f, DR, DO, DD} : — Accuracy: 83%

17: return F

| | | | Bl CONCLUSION
Step 2: Train Machine Learning Model to predict open-access support

:  We developed and evaluated machine learning and large language
ﬁnputvariables Regression model Output variable \ . models to predict the open access (OA) support level of research
. projects. Both approaches demonstrated strong performance,
achieving an accuracy of 83% - 85% on our evaluation dataset. These
results highlight the potential of Al-driven methods to support open
science monitoring and decision-making.
' . In future work, we aim to enhance model Iinterpretability and
. generalizability by incorporating more diverse datasets, expanding
. feature sets (e.g., author OA history, funding policies), and applying
the models across different funding agencies and research domains.
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Fig.2. lllustration of regression model




